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The essence of e-commerce live streaming is the interactivity in real 

time. Consumers are more likely to be influenced by emotional and 

social factors than rational factors when making purchasing decisions. 

This is quite different from the situation response mechanism in 

traditional e-commerce scenarios. When the content of e-commerce live 

streaming is gradually becoming homogeneous, personalized 

recommendations have become one of the most important sources of 

platform competitiveness. Most current research focuses on the 

development of recommendation algorithms and technical 

optimization, but few studies have discussed the influence on users at 

the level of perception. The attributes of personalized recommendation 

(relevance, timeliness, and novelty) are the independent variables 

affecting consumers’ purchasing decision. Still, few studies have 

explored the influence path of personalized recommendation on 

consumers’ perceived value and the impact of consumers’ purchase 

intention.  This study starts from the perspective of consumers’ 

perceived value. It builds the framework of "personalized 

recommendation - perceived value - consumer purchase intention." The 

questionnaire was employed to investigate the impact of personalized 

recommendations on consumers' intention to purchase, along with the 

mediating role of perceived value. According to the results of this study, 

personalized recommendations have a significant positive effect on 

consumers’ purchase intention in the e-commerce live streaming 

environment. Perceived value serves as a key mediating variable in the 
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formation of consumer behavior. The empirical results show that 

personalized recommendations influence purchase intention indirectly 

via perceived value. In addition, this paper suggests that improving the 

relevance, timeliness, and novelty of recommendation content can 

effectively increase consumers’ perceived value and further promote 

their purchase intention. 
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Introduction 

 

As e-commerce applications and internet technology continue to advance, E-commerce live 

streaming has gradually emerged as a preferred consumption channel for consumers (Xu, Sun, 

& Jia, 2024). In 2023, China's total transaction volume for E-commerce live streaming reached 

4.9 trillion yuan, maintaining a rapid average annual growth rate of 35.2% (iResearch, 2024). 

Against the backdrop of this rapid development, increasingly intense market competition and 

severe product homogenization are prompting enterprises to accelerate the adoption of 

precision marketing strategies. By utilizing big data to mine consumer preferences and 

designing products and services accordingly, enterprises can effectively enhance their core 

competitiveness (Han & He, 2024). Therefore, an in-depth study on the role and impact of 

Personalized recommendation is crucial to help enterprises maintain their competitive edge 

(Guo & Jing, 2024). Personalized recommendation can improve the relationship between 

buyers and sellers, thereby enhancing consumer stickiness (Chellappa & Sin, 2005; Zhu & 

Chen, 2024). 

 

Existing studies indicate that Personalized recommendation can directly optimize consumers' 

shopping experiences by matching content with user preferences and existing behaviors, 

thereby increasing user engagement and Consumers' purchase intention. Recent literature has 

further extended this discussion to broad scenarios within e-commerce platforms. For instance, 

Han and Zhang (2024) point out that by analyzing users' viewing and purchasing history, 

platforms can accurately push relevant content, helping users find target products and 

improving satisfaction. Similarly, Su and Lü (2024) suggest that Personalized recommendation 

helps uncover users' potential needs, exposing them to more attractive content and optimizing 

their viewing experience. 
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Despite these studies examining the impact of personalized recommendation on consumers’ 

purchase intention, notable limitations remain. Unlike traditional e-commerce, e-commerce 

live streaming purchases are more influenced by emotional and social factors due to real-time 

interactivity (Han et al., 2024; Li et al., 2022). Although existing studies predominantly focus 

on algorithmic and technical optimization (Zhou et al., 2023; Kang et al., 2024), few have 

examined how personalized recommendation influences consumer behavior via perceived 

value in e-commerce live streaming (Yang & Ren, 2024). As a key psychological factor shaping 

consumers’ overall assessment of products or services, perceived value has not been 

adequately explored from multiple perspectives in this specific context. Therefore, an in-depth 

analysis of the unique mechanisms through which personalized recommendation impacts 

consumers’ perceived value and purchase intentions is of significant theoretical and practical 

importance. 

 

Based on the Stimulus-Organism-Response (SOR) theoretical framework (Mehrabian & 

Russell, 1974), this study developed a research model suitable for the E-commerce live 

streaming context. Specifically, this study develops a framework linking Personalized 

recommendation (relevance, timeliness, novelty) to Perceived value, which in turn influences 

Consumers' purchase intention. A questionnaire survey was conducted to examine this model, 

utilizing Partial Least Squares Structural Equation Modeling (PLS-SEM) on a sample of 353 

valid responses collected online. Results show that Personalized recommendation significantly 

enhances Consumers' purchase intention, with Perceived value mediating this relationship. 

Consequently, enhancing the relevance, timeliness, and novelty of recommendations can 

increase Perceived value and strengthen purchase intention. 

 

Literature Review and Hypothesis Development 

 

SOR Theory and Consumer Purchase Behavior 

 

The SOR theoretical framework was proposed by environmental psychologists Mehrabian and 

Russell. This model is grounded in the "stimulus-response" hypothesis put forward by Watson, 

a pioneer in behaviorist psychology (Liu, 2022; Mehrabian & Russell, 1974). After consumers 

pass through the value of stimulus information evaluation, they will appear the behaviors of 

approach or avoidance behaviors according to the SOR theory (Yang and Ren 2024). The 

approach behaviors include purchase intention, among others (Wang and Chang, 2021). 

 

The SOR theoretical framework explains how individuals convert evaluations of external 

environmental stimuli into behaviors (Kim et al., 2020). By explaining the formation process 

of user behavior, the SOR model proves itself versatile and continually evolving (Li and Peng 

2024). Donovan and Rossiter were the pioneers who first applied the SOR model to the retail 

industry; their research examined how various retail environmental stimuli affect customer 

purchasing behaviors (R.J. & j.r., 1982). 

 

As online shopping and e-commerce live streaming continue to evolve rapidly, more scholars 

have begun to use the SOR theoretical framework to explore consumers’ purchasing 

intentions (Sun, 2022). Researchers have explored the formation of consumers’ psychology 

and behavior in the live streaming process from different angles. Zhang (2023) believes that e-

commerce live streaming service providers should construct accurate consumer profiles based 

on age, lifestyle, and shopping preferences. By using dynamic tags, they can provide 
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personalized content to enhance consumers’ satisfaction in viewing, purchasing, and after-

sales service. Li (2023) believes that the essence of personalization is matching information to 

audience features. The platform collects users’ browsing records and purchasing behaviors, 

then pushes products and information that better meet their needs. This saves users’ search 

time and increases the possibility of purchasing. Shen et al. (2023) discussed the path between 

personalized recommendations, users perceived value, and purchasing intentions. Consumers 

perceptions of platform value and satisfaction have both a mediating and moderating effect in 

this relationship. When consumers believe the platform accurately grasps their preferences and 

gives personalized recommendations, their trust—and likelihood of purchasing recommended 

products—increases. 

 

Moreover, research has extended beyond consumers to other domains. For instance, Wu et al. 

(2021) discovered that farmers who utilized creative live streaming formats attracted more 

customers and minimized the costs of intermediate steps. By doing so, these farmers were able 

to achieve maximum profits. 

 

The Influence of Personalized Recommendation on Consumers' Purchase Intention 

 

Tailored recommendations serve as a powerful marketing approach in live streaming for e-

commerce. Through the examination of user activities, including visiting, engaging, and 

favoriting, platforms are able to better ascertain individual preferences. Research both 

domestically and internationally indicates that personalized recommendations should be 

accurate, timely, and provide novel information. Effective recommendations support 

consumers in making purchasing decisions (Li, 2023). Leng (2022) finds that personalized 

recommendations rely on analyzing users' browsing, search, purchase history, and interests. 

This tailored approach increases consumers' perceived value of live-streaming content and 

boosts their purchase intention (Tian & Yao, 2024). 

 

From the standpoint of relevance, personalized recommendation mechanisms build individual 

interest profiles on customers’ historical habits and preferences. Therefore, the recommended 

content is more in line with users' needs and is more likely to be accepted by them (Yang & 

Ren, 2024). When customers receive information that matches their needs and interests, they 

will feel that they are recognized, and their needs are met. This will increase users’ trust and 

loyalty and make them more willing to purchase (Zhou, 2022). In a situation of information 

explosion, an abundance of low-quality information will lead to decision fatigue. Research has 

found that high-quality e-commerce platforms can reduce users’ cognitive load through 

accurate recommendation matching (Leng, 2022). Live streaming commerce platforms show 

their ability to capture users’ interests immediately and push relevant information to users 

efficiently, which can improve users’ acceptance and enhance interaction with the platform. 

This will further increase users perceived value and purchase motivation (Tian & Yao, 2024). 

Based on empirical evidence, it is found that users’ satisfaction and trust will significantly 

increase when they believe that the recommended content is highly relevant (Li & Wang, 2024; 

Bharati & Chaudhury, 2004). Highly relevant information can stimulate users’ purchase desire 

and improve their purchase intention as well as the marketing effectiveness of the platform 

(Liu & Zhang, 2023). Therefore, the following hypothesis is proposed: 

 

H1a: The relevance of personalized recommendations positively influences consumers' 

perceived value. 
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H1b: The relevance of personalized recommendations positively influences consumers' 

purchase intention. 

 

Timeliness refers to whether the e-commerce platform can deliver the most recent and relevant 

product recommendations to users. It is usually measured by the frequency and speed of 

information updating (Leng 2022). In addition, for live streaming or product recommendations, 

it also focuses on the extent the content recommended by the platform is consistent with the 

market and users’ latest needs (Tian and Yao 2024). Only when the information 

recommendation is timely, diversified, personalized, and up to date can users be more satisfied 

with the system's results and trust the timeliness of its recommendations (Chang 2024). 

 

In addition, in the live context, the timeliness of the recommendation information can also be 

improved by collecting users’ online feedback (comments, likes, shares, etc.) in real time and 

adjusting the content accordingly to provide more accurate and personalized recommendation 

information (Sun 2023). 

 

From the perspective of perceived value, the high timeliness recommendation information can 

not only meet consumers’ demands for practical information and improve their understanding 

of the effectiveness of the recommendation system, but also make consumers feel emotionally 

identified and trusted when the recommended information is highly matched with consumers’ 

context. That is, when consumers recognize the practical significance of the information and 

the situational appropriateness of the situation where the information is presented, they also 

acknowledge the practical significance and situational appropriateness of the information 

presented by the system, which enhances the overall perceived worth of the recommendation 

system of the platform. Consumers approve of the recommended information presented by the 

platform and trust the recommended information presented by the platform, and the overall 

perceived worth of the platform recommendation system increases, which in turn improves the 

overall purchase intention of consumers (Yang 2024). Therefore, the following hypothesis is 

proposed: 

 

H2a: The timeliness of personalized recommendations positively influences consumers' 

perceived value. 

H2b: The timeliness of personalized recommendations positively influences consumers' 

purchase intention. 

 

Novelty is a crucial factor that influences customer reactions. Under the context of personalized 

recommendations, novelty reflects the level of newness or uniqueness of recommended 

products in terms of style, design or category that users have not viewed or liked before. Users 

will be curious and willing to click to view such content, which enhances their attention and 

interest (Yang, 2024). Users who experience novel and unique recommendations will react 

positively. This can prevent users from getting bored by playing the same or similar content 

repeatedly. This will enhance their trust and satisfaction in our recommendation system and 

attract them to watch more content related to shopping (Leng, 2022). Additionally, novel 

content can offer more sensory stimulation than traditional content, thereby enhancing user 

enjoyment and immersion. When users reach this level, they will likely experience more 

positive feelings and feel a deeper connection with our system and content. This may enhance 

the purchase propensity of users (Wang et al., 2020). Therefore, the following hypothesis is 

proposed: 
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H3a: The novelty of personalized recommendations positively influences consumers' 

perceived value. 

H3b: The novelty of personalized recommendations positively influences consumers' purchase 

intention. 

 

The Influence of Perceived Value on Consumers' Purchase Intention 

 

Tian and Yao (2024) contend that the core of the perceived value concept’s logic involves 

considering and reconciling the perceived benefits (all favorable attributes of the product or 

service) with the perceived costs (the associated effort and sacrifices). Ultimately, this balance 

is directly represented in customers' comprehensive assessment of the product or service. The 

concept of perceived value refers to the overall assessment and understanding that consumers 

have regarding a product or service. This encompasses information related to the product (Yang 

& Ren, 2024; Gong et al., 2019), pricing approaches (Pan, 2022), and functional characteristics 

(Zhao, 2023). Generally, the perceived value plays a crucial role in shaping consumers' choices 

when making purchases. Various elements, including individual experiences, cultural contexts, 

and psychological traits, affect how this perceived value is formed. These factors do not occur 

independently. Clarifying the path of these factors' operation not only helps us understand the 

internal logic of consumers' purchase intention but also provides theoretical basis for firms to 

implement precision marketing strategies (Qing & Jin, 2022). 

 

From the perspective of existing studies, perceived value affects consumers' purchasing 

behavior and reflects consumers' preferences in the market to some extent (Wu et al., 2014; 

Tian & Yao, 2024). The evident positive correlation between the two variables suggests that as 

perceived value rises, so does consumers' intention to make a purchase (Li et al., 2024; Ji et al., 

2021). For instance, an increase in the perceived value of a product or service leads to a marked 

rise in the likelihood of customers making a purchase (Li, 2024). Consequently, the 

development of analytical models that explore the relationship between purchase intention and 

perceived value has emerged as a significant area of investigation within consumer behavior 

studies (Yan et al., 2024). Therefore, the following hypothesis is proposed: 

 

H4: perceived value positively influences consumers' purchase intention. 

 

The Mediating Role of Perceived Value 

 

When customers receive recommendations that meet their expectations, the value they perceive 

from these recommendations greatly rises (Mei, Wei, and Chen 2023)—such as making them 

emotionally satisfied, providing informative support in the purchasing process of products, and 

offering consumers personalized services—these factors can greatly enhance consumers’ 

purchase intention (Zhou and Chang 2023). 

 

Drawing from the live-streaming sales data of 2021, Yan et al. posited that consumers are likely 

to exhibit favorable purchasing behavior when they perceive the streamer as trustworthy. In the 

context of live-streaming sales, perceived value serves as a crucial mediating factor linking 

product attributes to consumer behavior in 2021. Ji et al. (2021) believed that consumers’ 

emotional and practical product impressions are affected by the attributes and context of e-

commerce live broadcasting and that this, in turn, affects their purchasing intention. Perceived 

value is a significant mediating variable. Yang and Zhang (2020) believed that when 

informational incentives are offered, consumers’ perceived value will rise and they will be 
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encouraged to purchase, which in turn promotes consumer trust. Tian and Yao (2024) believed 

that consumers’ perceived value plays an important role in enhancing the connection between 

personalized recommendations and purchasing intentions and that it greatly affects this 

relationship. Therefore, the following hypothesis is proposed: 

 

H5a: perceived value mediates the relationship between relevance and consumers' purchase 

intention. 

H5b: perceived value mediates the relationship between timeliness and consumers' purchase 

intention. 

H5c: perceived value mediates the relationship between novelty and consumers' purchase 

intention. 

 

Conceptual Model 

 

Although prsonalized recommendation has been widely examined in conventional e-

commerce, its influence mechanism in e-commerce live streaming remains insufficiently 

understood. Existing studies often conceptualize it as an overall construct, paying limited 

attention to how distinct information features operate in highly interactive environments to 

shape consumers' internal evaluations. To fill this research gap, the present study draws on the 

SOR theoretical framework to develop a research model that connects personalized 

recommendation—encompassing relevance, timeliness, and novelty—to perceived value, 

which then exerts an influence on consumers' purchase intention. More specifically, relevance, 

timeliness, and novelty function as external stimuli that boost perceived value (the organism 

state), and this enhanced perceived value in turn drives consumers' purchase intention as the 

corresponding behavioral response (see Figure 1). 

 

 
Figure 1: Research Model 
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Methodology 

 

Questionnaire Design and Measurement 

 

To ensure measurement reliability, this study adopted established scales. The primary 

constructs were assessed with a 5-point Likert scale (1 = strongly disagree, 5 = strongly agree), 

where increased scores reflected greater levels of agreement. The evaluation scale for 

personalized recommendation primarily originated from the validated tools developed by Wang 

et al. (2020) and Chi (2018). Items measuring perceived value were adapted from Yang and 

Ren (2024), and the measurement scale for consumers' purchase intention was modified based 

on Zhou and Chang (2023). After drafting the initial questionnaire, specialists in E-commerce 

live streaming reviewed it, leading to necessary revisions. Subsequently, a pilot test involving 

30 participants was conducted, and the questionnaire was refined based on feedback before 

formal distribution. 

 

Data Collection and Sample Description 

 

A questionnaire survey was conducted to examine the proposed model. Data were collected via 

Wenjuanxing, a widely recognized online survey platform in China (Liu et al., 2021). A 

screening question asking whether participants had previously purchased products through E-

commerce live streaming was included, and only those answering affirmatively proceeded with 

the survey. The survey was distributed via three main platforms: Taobao, Douyin, and 

Pinduoduo. As these platforms have millions of users from different age groups, regions, and 

income levels, they provide a fairly diverse and representative sample with broad coverage 

(Beijing Consumers' Association, 2024). A total of 420 questionnaires were collected. After 

removing incomplete responses and filtering based on attention checks and response times, a 

final sample size of 353 valid questionnaires was retained. Partial Least Squares Structural 

Equation Modeling (PLS-SEM) was subsequently employed to analyze the collected data. 

 

Data Analysis Results 

 

Descriptive Statistics 

 

Table 1 presents the demographic characteristics of the sample analyzed in this study. Findings 

regarding the age distribution indicate that the highest percentage of participants (42.1%) fell 

within the 26–35-year age range, with the 36–45-year age range following closely behind at 

31.4%. When examining educational attainment, it was found that 68.3% of the participants 

were either college students or pursuing an associate degree. Most of the participants were 

employed full-time, and the monthly income was mostly between 4,001 and 6,000 RMB. In 

addition, regarding the live streaming buying behaviours, most of the participants said that they 

watched the e-commerce live broadcast five to six times a week when asked about their fresh 

agricultural items purchasing behavior. We believe that the sample represents consumers who 

purchase fresh agricultural products via live e-commerce broadcasts. 
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Table 1: Descriptive Statistics of the Study Sample (N = 353) 

 

Variable Category Frequency Percentage (%) 

Gender 
Male 166 47 

Female 187 53 

Age 

Under 18 22 6.2 

18–25 55 15.6 

26–35 148 41.9 

36–45 86 24.4 

46 and above 42 11.9 

Education Level 

High school or below 36 10.2 

College diploma 95 26.9 

Bachelor's degree 169 47.9 

Master's or above 53 15 

Occupation 

Student 77 21.8 

Full-time employee 181 51.3 

Freelancer 95 26.9 

Monthly Income 

2000 RMB or less 60 17 

2001–4000 RMB 76 21.5 

4001–6000 RMB 122 34.6 

6001–8000 RMB 57 16.1 

Over 8000 RMB 38 10.8 

Live Streaming 

Frequency 

2 times or less/week 23 6.5 

3–4 times/week 75 21.2 

5–6 times/week 137 38.8 

7 times or more/week 118 33.4 

Main Platform Used 

Taobao Live 110 31.2 

Douyin Live 144 40.8 

Pinduoduo Live 81 22.9 

Others 18 5.1 

 

Reliability Analysis 

Reliability serves as a measure of the internal consistency and precision of measurement for 

the instrument (with increased reliability correlating to a decrease in measurement error). In 

survey research utilizing Likert-type instruments, the primary measure of reliability is the 

Cronbach's alpha coefficient. Based on the findings of this study, the reliability of the scale was 

deemed satisfactory, as all constructions surpassed the acceptable Cronbach's alpha threshold 

of 0.7 (refer to Table 2). This indicates that the measurement tools employed demonstrate 

strong reliability. 

 

Table 2: Reliability Analysis (N = 353) 

 

Variable No. of Items Cronbach's Alpha 

Relevance (RE) 4 0.852 

Timeliness (TI) 4 0.854 
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Novelty (NO) 4 0.864 

perceived value (PV) 4 0.742 

Purchase Intention (PI) 4 0.870 

 

Validity Analysis 

Convergent legitimacy and discriminant reliability are the two dimensions of validity in 

general. In other words, convergent validity refers to the degree of significant association 

between multiple variables that measure the same underlying variable, while discriminant 

validity indicates the distinctness of different concepts. Convergent validity can be assessed 

through several measures, including composite reliability (CR), average variance extracted 

(AVE), and standardized factor loadings in general (Fornell and Larcker 1981). According to 

the measurement model assessment results presented in Table 3 (or your specific table number), 

the standardized factor loadings for all items ranged from 0.713 to 0.857, which exceed the 

recommended threshold of 0.5. The Composite Reliability (CR) values ranged from 0.838 to 

0.911, surpassing the 0.70 cutoff. Furthermore, the Average Variance Extracted (AVE) values 

ranged from 0.564 to 0.719, which are above the 0.50 benchmark. Consequently, all 

measurement constructs meet the criteria for convergent validity established by Fornell and 

Larcker (1981). 

 

Table 3: Results of Convergent Validity Analysis 

 

 

According to Fornell and Larcker (1981), the criterion for validating a construct is that the 

square root of its AVE must exceed the correlation coefficient of that construct with others. As 

Constructs Dimensions Items Factor loadings CR AVE 

Personalized 

Recommendation 

Relevance(RE) 

RE1 0.835 

0.9 0.692 
RE2 0.822 

RE3 0.826 

RE4 0.844 

Timeliness(TI) 

TI1 0.845 

0.901 0.695 
TI2 0.823 

TI3 0.831 

TI4 0.837 

Novelty(NO) 

NO1 0.831 

0.907 0.71 
NO2 0.832 

NO3 0.849 

NO4 0.857 

perceived value(PV) 

PV1 0.713 

0.838 0.564 
PV2 0.757 

PV3 0.768 

PV4 0.764 

consumer purchase Intention(CPI) 

CPI1 0.84 

0.911 0.719 
CPI2 0.846 

CPI3 0.856 

CPI4 0.851 
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shown in Table 4, the square roots of the AVEs (bolded values on the diagonal) are greater than 

the off-diagonal inter-construct correlations. Therefore, the requirement for discriminant 

validity is met. 

 

Table 4: Results of Discriminant Validity Analysis 

 

Constructs M SD RE TI NO PV CPI 

RE 3.28 0.95 1     

TI 3.36 0.94 0.501 1    

NO 3.43 0.95 0.389 0.442 1   

PV 3.35 0.87 0.426 0.486 0.495 1  

CPI 3.44 0.90 0.531 0.528 0.563 0.559 1 

 

Common Method Bias and Multicollinearity Test 

Given that there might exist common method variance in single-source questionnaire data 

inhomogeneously, we systematically applied the Podsakoff et al. (2003) recommended design 

controls and statistical remedies in the whole research process. This study clearly stated the 

research goal at the beginning of the questionnaire, did not use ambiguous phrases in 

measurement items, clarified that all responses were anonymous, and chose participants from 

different e-commerce live streaming platforms. Furthermore, we utilized Harman's single-

factor assessment to identify any possible common method bias through principal component 

analysis conducted without rotation. In our analysis, we examined all measurement items, 

revealing that the explained variance of the initial principal component was merely 27.92%, 

well below the critical threshold of 50% (Chen et al., 2022; Podsakoff et al., 2003). This 

indicates that common method bias is unlikely to be a major concern in this study. 

 

In a regression model, when the independent variables exhibit high correlation, a condition 

known as multicollinearity, it may impact the precision of the outcomes. This research shows 

that all variables possess VIF values under 5, signifying the absence of a significant 

multicollinearity issue. 

 

Hypothesis Testing 

 

Table 5 displays the route coefficients and the outcomes of hypothesis testing for this 

investigation. The examination of the structural model's findings indicates that all proposed 

hypotheses were supported. The analysis reveals that the factors of timeliness, novelty, and 

relevance significantly enhance perceived value. Specifically, the statistical coefficients 

indicate that timeliness has a positive influence with a beta value of 0.25 and a t-value of 5.181, 

which is statistically significant with a p-value of less than 0.001. Similarly, novelty 

demonstrates an even stronger positive effect, evidenced by a beta value of 0.355 and a t-value 

of 7.355, again with a p-value below 0.001. Relevance also contributes positively to perceived 

value, with a beta value of 0.183 and a t-value of 3.685, resulting in a p-value less than 0.001. 

Therefore, the hypotheses H1a, H2a, and H3a are supported by the data. 

 

Furthermore, the study finds that relevance, timeliness, novelty, and perceived value have 

significant effects on purchase intention. The statistical findings show that relevance maintains 

a positive effect with a beta coefficient of 0.136 and a t-value of 2.783, which is significant 
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with a p-value of 0.005. Timeliness also shows a notable positive relationship, marked by a 

beta value of 0.208 and a t-value of 3.849, with a p-value lower than 0.001. Novelty contributes 

as well, possessing a beta value of 0.141 and a t-value of 2.622, leading to a significant p-value 

of 0.009. Additionally, perceived value has a substantial impact on purchase intention, 

indicated by a beta value of 0.292 and a t-value of 5.344, with a p-value that is less than 0.001. 

As a result, the hypotheses H1b, H2b, H3b, and H4 are supported by these findings. 

 

Table 5: Path Coefficients and Hypothesis Testing Results 

 

Path 
Estimate

（β） 
S.E. 

T 

Statistic 

P-

value 

LLCI 

(2.5%) 

ULCI 

(97.5%) 
Hypothesis 

RE→PV 0.183 0.05 3.685 0.000 0.085 0.278 H1a:supported 

RE→CPI 0.136 0.049 2.783 0.005 — — H1b:supported 

TI→PV 0.25 0.048 5.181 0.000 0.153 0.344 H2a:supported 

TI→CPI 0.208 0.054 3.849 0.000 — — H2b:supported 

NO→PV 0.355 0.048 7.355 0.000 0.256 0.446 H3a:supported 

NO→CPI 0.141 0.054 2.622 0.009 — — H3b:supported 

PV→CPI 0.292 0.055 5.344 0.000 0.436 0.579 H4:supported 

Significance levels: p < 0.001, p < 0.01, p < 0.05. 

This research employed a bootstrap approach involving 5,000 samples to investigate the 

mediating role of perceived value among the variables highlighted in Table 6 (Liu, Zhang, & 

Chen, 2022; Shi et al., 2011). The analysis revealed that the indirect effects of relevance, 

timeliness, and novelty on consumers' purchase intentions via perceived value were statistically 

significant (β = 0.053, T = 2.971, p = 0.003; β = 0.073, T = 3.877, p < 0.001; β = 0.104, T = 

4.075, p < 0.001). Notably, the 95% bias-corrected and accelerated confidence intervals (BCa 

95% CI) for the three mediating relationships did not include zero, supporting the significance 

of the mediation effects. Consequently, hypotheses H5a, H5b, and H5c have been supported. 

 

Table 6: Results of Mediating Effect Analysis 

 

Path Estimate (β) S.E. T Statistic P-value Hypothesis 

CR→PV→CPI 0.053 0.018 2.971 0.003  H5a: supported 

TI→PV→CPI 0.073 0.019 3.877 0.000  H5b: supported 

NO→PV→CPI 0.104 0.025 4.075 0.000  H5c: supported 

Significance levels: p < 0.001, p < 0.01, p < 0.05. 

Predictive Relevance Analysis (PLSpredict) 

As shown in the earlier section, the outcomes derived from the bias-corrected and accelerated 

95% confidence interval (BCa 95% LLCI/ULCI) using the Bootstrapping technique indicated 

that all mediation pathways are significant. To evaluate the model's predictive validity beyond 

the sample, this research utilized the PLSpredict approach, implementing 10-fold cross-

validation repeated 10 times (Hair et al., 2021). The results revealed that Q²_predict for the 

endogenous variables perceived value (PV) and consumer purchase intention (CPI) were 

positive (0.355 and 0.238), indicating that the model has predictive relevance (Hair et al., 

2021). Besides that, the power of the model’s prediction for PV was medium, whereas the 

power of CPI was near the medium level. Moreover, the values of RMSE (0.807, 0.877) and 
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MAE (0.649, 0.756) were relatively low, indicating that the prediction error was small and not 

overfitting. In summary, the proposed model demonstrates good explanatory power for the in-

sample data as well as out-of-sample predictive validity and robustness. 

 

Table 7: Results of Predictive Relevance Analysis (PLSpredict) 

 

Endogenous construct Q²predict RMSE MAE 

Perceived Value (PV) 0.355 0.807 0.649 

Consumers’ Purchase Intention (CPI) 0.238 0.877 0.756 

 

Discussion 

Summary of Key Findings 

This research employs the SOR framework to examine purchasing intentions within the context 

of live streaming in e-commerce. Furthermore, this study extends a structural model which 

includes three personalised recommendation attributes (relevance, timeliness and novelty) into 

one's perceived value in influencing purchase intention. Empirical investigation and analysis 

end this paper. 

 

Findings from the study indicated that these three characteristics impact consumers' purchasing 

intentions, with timeliness having the most significant effect. This result shows that real-time 

matching between recommended information and users' needs is very important. Timely 

information can reduce users' information processing and improve their decision-making 

process and confidence (Yang, 2025). And for establishing consumers' perceived value, novelty 

has the greatest impact. This result shows that attractively recommended information can 

improve consumers' overall value perception of content on the platform. Especially when the 

information is novel, interesting, and not expected (Yang & Qiao, 2023). The improvement of 

overall value perception of contents will further improve users' immediate satisfaction and 

enhance their long-term trust and dependence on the platform, which can further improve 

platform loyalty and promote consumers' purchasing behaviour (Liu, 2021). 

 

Furthermore, novelty has the most significant indirect influence through perceived value (β = 

0.104, p < 0.001). Improving users' perceptions of content's vibrancy is an important strategy 

for improving user retention and conversion rate. To streamline these findings, results show 

that personalized recommendations significantly enhance consumers' purchase intention, with 

perceived value mediating this relationship. 

 

Comparison with Previous Studies 

 

The findings in this study are consistent with prior research which suggests that timely and 

relevant information can reduce users’ information processing and improve decision-making 

confidence (Yang, 2025). Similarly, the strong role of novelty in shaping perceived value also 

aligns with the view that novel, interesting, and unexpected information can enhance 

consumers’ overall value perception of the platform content (Yang & Qiao, 2023). The 

improvement of overall value perception of contents may further improve users' immediate 

satisfaction and enhance their long-term trust and dependence on the platform, which can 

further improve platform loyalty and promote consumers' purchasing behaviour (Liu, 2021). 
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However, there are also some potential problems in these results. If customers are very 

dependent on the contents recommended by algorithms, this will reduce their motivation to 

investigate by themselves and affect their ability to actively analyse and criticise the 

information about products. This is consistent with the current controversy in digital marketing. 

Many scholars are concerned that personalised recommendations will cause “information 

cocoon” and make consumers entrapped in a state of passivity (Liu, 2024). 

 

Management should not only focus on the accurate calibration of the algorithms but also create 

appealing content for live-commerce streaming websites. This study's findings indicated that 

content, which is pertinent, current, and original, would affect the intention to purchase. 

Additionally, content that was relevant, timely, and novel could enhance users' behavioral 

response by improving their understanding of the usefulness of the recommendations. 

Therefore, in addition to the algorithms that are logically correct in presenting content to users, 

appropriate content presentation methods that focus on the users should be used to enhance the 

accuracy of the recommendation system. These include contextual storytelling, real-time 

interaction between the live-streaming host and user, dynamic display of product features, etc. 

These design methods can improve users' views on the usefulness and distinctiveness of 

recommended content, enhance the correlation between logical value assessment and 

emotional experience, and further enhance customers' purchasing intent and allegiance to the 

e-commerce live streaming website. 

 

Theoretical Contributions 

 

This research provides a quantitative perspective on E-commerce live streaming by identifying 

relevance, timeliness, and novelty as key dimensions of personalized recommendations. 

Although previous studies examined information characteristics (Yang & Zhu, 2024), 

consumer immersion (Tian & Frank, 2024), consumption value (Zhang et al., 2024), and 

personalized services (Leng, 2022), few investigated their specific impact on purchasing 

behaviors. By applying the SOR model, this study confirms perceived value as a mediating 

factor. This clarifies the psychological dynamics behind purchase decisions and establishes an 

empirical foundation for understanding how consumers' purchase intention is formed (Lu & 

Chen, 2021). 

 

Practical Implications 

 

In e-commerce live streaming, enhancing the relevance, timeliness, and novelty of 

recommendations can increase perceived value and strengthen consumers' purchase intention. 

To achieve this, enterprises should analyze browsing habits to align content with actual user 

needs (Wang et al., 2021). Platforms must also capture real-time signals like comments to 

update user profiles promptly (Liu, 2024), while appropriately introducing differentiated 

products to stimulate curiosity. Ultimately, managers should shift from strict technical 

algorithms to a psychological perception strategy. Utilizing concise language and contextual 

narratives helps users connect emotionally with recommendations, thereby establishing a win-

win business ecosystem (Liu, 2021). 
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Conclusion 

 

This study concludes that personalized recommendations significantly enhance consumers' 

purchase intention, with perceived value mediating this relationship. Consequently, enhancing 

the relevance, timeliness, and novelty of recommendations can increase perceived value and 

strengthen purchase intention. By applying the SOR model to E-commerce live streaming, this 

research provides concrete theoretical and practical insights for digital marketing. 

 

However, certain limitations remain. First, cross-sectional design restricts our ability to observe 

how consumer responses evolve over time. Second, because most respondents were active E-

commerce live streaming users, the findings may have limited applicability to broader 

populations. Finally, this study did not differentiate between specific product categories or 

recommendation formats. Future research should use more diverse samples, explore additional 

variables such as trust or satisfaction, and compare different product types to further validate 

these findings. 

 

Acknowledgements: The authors would like to express their sincere gratitude to their 

supervisor for valuable guidance and support. The authors also 

acknowledge Universiti Teknologi MARA (UiTM), Sabah Branch, 

and the Faculty of Business and Management for their support and 

assistance in this research. 

 

Funding Statement: This research received no external funding. 

 

Conflict of Interest 

Statement: 

 

The authors declare that they have no conflict of interest. 

Ethics Statement: This study was conducted in accordance with ethical research 

standards. Formal ethical approval was not required for this 

anonymous questionnaire-based study according to the applicable 

institutional guidelines. Informed consent was obtained from all 

participants prior to data collection. Participation was voluntary, 

and respondents were assured of confidentiality and anonymity. 

The data were collected and used solely for academic purposes. 

 

Author Contribution 

Statement: 

All authors made significant contributions to the study and the 

preparation of the manuscript. Yingying Pan was responsible for 

conceptualization, methodology, and drafting of the manuscript. 

Dayang Haryani Diana Damit provided overall supervision and 

contributed to the revision and refinement of the study. Hasnawati 

Binti Guliling contributed to the literature review, data analysis, 

and critical revision of the manuscript. All authors read and 

approved the final version of the manuscript prior to submission. 

 

 

 

 



 
Volume 8 Issue 24 (March 2026) PP. 439-458 

454 
 

References 

An, Z. (2024). A study on the influencing factors of consumer satisfaction and loyalty on fresh 

e-commerce platforms [Master’s thesis, Jiangxi Agricultural University]. 

https://kns.cnki.net/kcms2/article/abstract?v=691tpyMQYm0-

gZ3qEGQV5l9VGX2ycSh3aLkhmozySmENWNhGhnfkWhKhuZb99mPYnAXTRn_

fW2hB9evlx1vJq9b8RWJzqSNK-

Aj_dSjVABCUTEYDbbk5yQ==&uniplatform=NZKPT&language=gb 

Beijing Consumers Association. (2024, November 12). Consumer survey report on “Double 

11” live-streaming e-commerce sales. 

https://news.qq.com/rain/a/20241112A08ONT00 

Bharati, P., & Chaudhury, A. (2004). An empirical investigation of decision-making 

satisfaction in web-based decision support systems. Decision Support Systems, 37(2), 

187–197. https://doi.org/10.1016/S0167-9236(03)00006-X 

Chang, Y. (2024). The structure, effectiveness, and transformation of governance models in 

live e-commerce: From the perspective of transaction cost theory. Economics and 

Management, 38(2), 49–57. 

Chellappa, R. K., & Sin, R. G. (2005). Personalization versus privacy: An empirical 

examination of the online consumer's dilemma. Information Technology and 

Management, 6(2), 181–202. https://doi.org/10.1007/s10799-005-5879-y 

Chen, G., So, K. K. F., Hu, X., & Poomchaisuwan, M. (2022). Travel for affection: A stimulus-

organism-response model of honeymoon tourism experiences. Journal of Hospitality & 

Tourism Research, 46(6), 1187–1219. https://doi.org/10.1177/10963480211011720 

Chen, Z., He, H., & Zhu, Y. (2023). The influence of live-streaming features on consumers' 

purchase intention: The mediating role of dual-path mental accounting. Journal of 

Fuzhou University (Philosophy and Social Sciences), 37(2), 52–61. 

Chi, T. (2018). Mobile commerce website success: Antecedents of consumer satisfaction and 

purchase intention. Journal of Internet Commerce, 17(3), 189–215. 

https://doi.org/10.1080/15332861.2018.1451970 

Donovan, R. J., & Rossiter, J. R. (1982). Store atmosphere: An environmental psychology 

approach. Journal of Retailing, 58(1), 34–57. 

Fornell, C., & Larcker, D. F. (1981). Evaluating structural equation models with unobservable 

variables and measurement error. Journal of Marketing Research, 18(1), 39–50. 

https://doi.org/10.2307/3151312 

Gao, K. (2024). Business model innovation of fresh e-commerce enterprises in the digital 

economy era. Business Economics Research, 11, 157–163. 

Guo, Y., & Jing, L. (2024). Application of personalized recommendation based on big data 

analysis in rural tourism live-streaming in Jilin Province. Industrial Science and 

Technology Innovation, 6(4), 27–30. 

Han, G., & Zhang, K. (2024). AIGC marketing: A human-machine symbiosis model promotes 

the leap from digital marketing to intelligent marketing. Enterprise Economy, 43(2), 

111–124. https://doi.org/10.13529/j.cnki.enterprise.economy.2024.02.010 

Han, H., & He, S. (2024). Analysis and research on the impact of influencer live-streaming on 

consumer purchasing behavior under big data. Modern Business, 2024(15), 53–55. 

https://doi.org/10.14013/j.cnki.scxdh.2024.15.036 

Han, T., Han, J., Liu, J., & Li, W. (2024). Effect of emotional factors on purchase intention in 

live streaming marketing of agricultural products: A moderated mediation model. PLOS 

ONE, 19(4), e0298388. https://doi.org/10.1371/journal.pone.0298388 

iResearch Inc. (2024). China live-streaming e-commerce industry research report (p. 33). 

https://kns.cnki.net/kcms2/article/abstract?v=691tpyMQYm0-gZ3qEGQV5l9VGX2ycSh3aLkhmozySmENWNhGhnfkWhKhuZb99mPYnAXTRn_fW2hB9evlx1vJq9b8RWJzqSNK-Aj_dSjVABCUTEYDbbk5yQ==&uniplatform=NZKPT&language=gb
https://kns.cnki.net/kcms2/article/abstract?v=691tpyMQYm0-gZ3qEGQV5l9VGX2ycSh3aLkhmozySmENWNhGhnfkWhKhuZb99mPYnAXTRn_fW2hB9evlx1vJq9b8RWJzqSNK-Aj_dSjVABCUTEYDbbk5yQ==&uniplatform=NZKPT&language=gb
https://kns.cnki.net/kcms2/article/abstract?v=691tpyMQYm0-gZ3qEGQV5l9VGX2ycSh3aLkhmozySmENWNhGhnfkWhKhuZb99mPYnAXTRn_fW2hB9evlx1vJq9b8RWJzqSNK-Aj_dSjVABCUTEYDbbk5yQ==&uniplatform=NZKPT&language=gb
https://kns.cnki.net/kcms2/article/abstract?v=691tpyMQYm0-gZ3qEGQV5l9VGX2ycSh3aLkhmozySmENWNhGhnfkWhKhuZb99mPYnAXTRn_fW2hB9evlx1vJq9b8RWJzqSNK-Aj_dSjVABCUTEYDbbk5yQ==&uniplatform=NZKPT&language=gb
https://news.qq.com/rain/a/20241112A08ONT00
https://doi.org/10.1016/S0167-9236(03)00006-X
https://doi.org/10.1007/s10799-005-5879-y
https://doi.org/10.1177/10963480211011720
https://doi.org/10.1080/15332861.2018.1451970
https://doi.org/10.2307/3151312
https://doi.org/10.13529/j.cnki.enterprise.economy.2024.02.010
https://doi.org/10.14013/j.cnki.scxdh.2024.15.036
https://doi.org/10.1371/journal.pone.0298388


 
Volume 8 Issue 24 (March 2026) PP. 439-458 

455 
 

Ji, F., Li, J., Yang, Y., & Yang, Y. (2021). Impact of live e-commerce characteristics and 

situational factors on customer purchase intention: The mediating role of perceived 

value. Journal of Hubei University of Economics (Humanities and Social Sciences), 

18(11), 53–57. 

Kim, M. J., Lee, C.-K., & Jung, T. (2020). Exploring consumer behavior in virtual reality 

tourism using an extended stimulus-organism-response model. Journal of Travel 

Research, 59(1), 69–89. https://doi.org/10.1177/0047287518818915 

Leng, X. (2022). A study on the impact of personalized recommendation services on customer 

satisfaction on e-commerce platforms [Master’s thesis, Xi’an University of 

Technology]. https://doi.org/10.27398/d.cnki.gxalu.2021.000385 

Li, M., Wang, Q., & Cao, Y. (2022). Understanding consumer online impulse buying in live 

streaming e-commerce: A stimulus-organism-response framework. International 

Journal of Environmental Research and Public Health, 19(7), 4378. 

https://doi.org/10.3390/ijerph19074378  

Li, F., & Peng, C. (2024). The mechanism by which social presence influences premium 

payment intention for digital cultural tourism products: Based on SOR theory. Journal 

of Central China Normal University (Natural Sciences), 19. Advance online 

publication. 

Li, G., & Wang, M. (2024). Rationality of personalized recommendation on content platforms: 

Constructs and effects. Modern Information, 22. Advance online publication. 

Li, H. (2023). A study on the influencing factors of consumers' purchase intention for beauty 

products in live-streaming e-commerce [Master’s thesis, Shanxi University of Finance 

and Economics]. 

https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFDTEMP

&filename=1023508342.nh&v= 

Li, N. (2023). The logic, limits and transcendence of AI-empowered media literacy education. 

Educational Theory and Practice, 43(31), 10–15. 

Liu, D., & Zhang, W. (2023). The impact of characteristics of knowledge providers' information 

sources on consumers' willingness to pay. Enterprise Economy, 42(7), 46–55. 

https://doi.org/10.13529/j.cnki.enterprise.economy.2023.076.005 

Liu, M. T., Xue, J., & Liu, Y. (2021). The mechanism leads to successful clickbait promotion 

in WeChat social media platforms. Asia Pacific Journal of Marketing and Logistics, 

33(9), 1952–1973. https://doi.org/10.1108/APJML-08-2020-0562 

Liu, S. (2021). The influence of KOL live-streaming marketing on consumers' purchase 

intention for imported cosmetics [Master’s thesis, Jiangxi University of Finance and 

Economics]. 

https://kns.cnki.net/kcms2/article/abstract?v=wRD08hUPYgzKF9bUL1ULov3Gy5E4

zRnw42h95_Ayc2skX1jvijS5E27WyyboxWrlElKtCvonbvzKKu7x5Yyj3VQ9H3HJu

DQ1g23cGLgYI2yTBLvRrBRucA==&uniplatform=NZKPT&language=gb 

Liu, W. (2024). A study on the influence of information features in live e-commerce on customer 

purchase intention [Master’s thesis, Zhejiang University of Finance and Economics]. 

https://kns.cnki.net/kcms2/article/abstract?v=bh5BUr5hMuWQR1XrmNdRL3Jrj2iBU

QSLmWUSaYFNRlCA6RYgXSjpNiQ5TyiGRGmeyj6O8DUSAu0JAW5aJK_Tk9lU

S3KV6LDsco3RJ51ZwYmjrx1M4DGDMA==&uniplatform=NZKPT&language=gb 

Liu, X., Zhang, L., & Chen, Q. (2022). The effects of tourism e-commerce live streaming 

features on consumer purchase intention: The mediating roles of flow experience and 

trust. Frontiers in Psychology, 13, 995129. https://doi.org/10.3389/fpsyg.2022.995129 

https://doi.org/10.1177/0047287518818915
https://doi.org/10.27398/d.cnki.gxalu.2021.000385
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFDTEMP&filename=1023508342.nh&v=
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFDTEMP&filename=1023508342.nh&v=
https://doi.org/10.13529/j.cnki.enterprise.economy.2023.076.005
https://doi.org/10.1108/APJML-08-2020-0562
https://kns.cnki.net/kcms2/article/abstract?v=wRD08hUPYgzKF9bUL1ULov3Gy5E4zRnw42h95_Ayc2skX1jvijS5E27WyyboxWrlElKtCvonbvzKKu7x5Yyj3VQ9H3HJuDQ1g23cGLgYI2yTBLvRrBRucA==&uniplatform=NZKPT&language=gb
https://kns.cnki.net/kcms2/article/abstract?v=wRD08hUPYgzKF9bUL1ULov3Gy5E4zRnw42h95_Ayc2skX1jvijS5E27WyyboxWrlElKtCvonbvzKKu7x5Yyj3VQ9H3HJuDQ1g23cGLgYI2yTBLvRrBRucA==&uniplatform=NZKPT&language=gb
https://kns.cnki.net/kcms2/article/abstract?v=wRD08hUPYgzKF9bUL1ULov3Gy5E4zRnw42h95_Ayc2skX1jvijS5E27WyyboxWrlElKtCvonbvzKKu7x5Yyj3VQ9H3HJuDQ1g23cGLgYI2yTBLvRrBRucA==&uniplatform=NZKPT&language=gb
https://kns.cnki.net/kcms2/article/abstract?v=bh5BUr5hMuWQR1XrmNdRL3Jrj2iBUQSLmWUSaYFNRlCA6RYgXSjpNiQ5TyiGRGmeyj6O8DUSAu0JAW5aJK_Tk9lUS3KV6LDsco3RJ51ZwYmjrx1M4DGDMA==&uniplatform=NZKPT&language=gb
https://kns.cnki.net/kcms2/article/abstract?v=bh5BUr5hMuWQR1XrmNdRL3Jrj2iBUQSLmWUSaYFNRlCA6RYgXSjpNiQ5TyiGRGmeyj6O8DUSAu0JAW5aJK_Tk9lUS3KV6LDsco3RJ51ZwYmjrx1M4DGDMA==&uniplatform=NZKPT&language=gb
https://kns.cnki.net/kcms2/article/abstract?v=bh5BUr5hMuWQR1XrmNdRL3Jrj2iBUQSLmWUSaYFNRlCA6RYgXSjpNiQ5TyiGRGmeyj6O8DUSAu0JAW5aJK_Tk9lUS3KV6LDsco3RJ51ZwYmjrx1M4DGDMA==&uniplatform=NZKPT&language=gb
https://doi.org/10.3389/fpsyg.2022.995129


 
Volume 8 Issue 24 (March 2026) PP. 439-458 

456 
 

Liu, Y. (2022). The impact of online live streaming on consumers' purchase intention for sports 

products based on the SOR model: The mediating role of perceived value. Journal of 

Sports Teaching, 38(1), 39–46. 

Lu, B., & Chen, Z. (2021). Live streaming commerce and consumers' purchase intention: An 

uncertainty reduction perspective. Information & Management, 58(7), 103509. 

https://doi.org/10.1016/j.im.2021.103509 

Mehrabian, A., & Russell, J. A. (1974). An approach to environmental psychology (pp. xii, 

266). The MIT Press. 

Mei, L., Wei, L., & Chen, S. (2023). A study on user value co-creation willingness on general 

knowledge short video platforms considering customer experience: A case study of 

Bilibili. Price Theory and Practice, 2023(1), 127–130, 203. 

https://doi.org/10.19851/j.cnki.CN11-1010/F.2023.01.022 

Meng, L. (Monroe), Duan, S., Zhao, Y., Lü, K., & Chen, S. (2021). The impact of online 

celebrity in livestreaming e-commerce on purchase intention from the perspective of 

emotional contagion. Journal of Retailing and Consumer Services, 63, 102733. 

https://doi.org/10.1016/j.jretconser.2021.102733 

Podsakoff, P. M., MacKenzie, S. B., Lee, J.-Y., & Podsakoff, N. P. (2003). Common method 

biases in behavioral research: A critical review of the literature and recommended 

remedies. Journal of Applied Psychology, 88(5), 879–903. 

Shen, P., Wan, D., Li, J., & Xu, J. (2023). The dual-path influence mechanism of online brand 

community quality on brand happiness. Management Review, 35(8), 184–197. 

Shi, G., Shi, Y., Chan, A. K. K., Liu, M. T., & Fam, K.-S. (2011). The role of renqing in 

mediating customer relationship investment and relationship commitment in China. 

Industrial Marketing Management, 40(4), 496–502. 

https://doi.org/10.1016/j.indmarman.2010.12.005 

Su, J., & Lv, H. (2024). How do platform data governance strategies contribute to business 

value creation? From the perspective of relational connectivity. Economic 

Management, 46(3), 5–21. https://doi.org/10.19616/j.cnki.bmj.2024.03.001 

Sun, G. (2023). The impact of corporate social responsibility in retail enterprises on consumers' 

purchase intention: The mediating role of perceived quality and corporate reputation. 

Business Economics Research, 2023(15), 174–177. 

Sun, X. (2022). A study on the influencing factors of consumers' purchase intention in live-

streaming e-commerce [Master’s thesis, Wuhan Sports University]. 

https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFD20230

1&filename=1022497653.nh&v= 

Tian, B., & Yao, Y. (2024). Personalized recommendation, perceived value, and consumers' 

purchase intention on e-commerce live streaming platforms. Business Economics 

Research, 2024(21), 70–74. 

Tian, Y., & Frank, B. (2024). Optimizing live streaming features to enhance customer 

immersion and engagement: A comparative study of live streaming genres in China. 

Journal of Retailing and Consumer Services, 81, 103974. 

https://doi.org/10.1016/j.jretconser.2024.103974 

Vivek, S. D., Beatty, S. E., & Morgan, R. M. (2012). Customer engagement: Exploring 

customer relationships beyond purchase. Journal of Marketing Theory and Practice, 

20(2), 122–146. https://doi.org/10.2753/MTP1069-6679200201 

Wang, J. (2020). A study on the formation mechanism and evaluation of consumers' perceived 

usefulness of online reviews based on SOR theory [Doctoral dissertation, Harbin 

University of Science and Technology]. 

https://doi.org/10.1016/j.im.2021.103509
https://doi.org/10.19851/j.cnki.CN11-1010/F.2023.01.022
https://doi.org/10.1016/j.jretconser.2021.102733
https://doi.org/10.1016/j.indmarman.2010.12.005
https://doi.org/10.19616/j.cnki.bmj.2024.03.001
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFD202301&filename=1022497653.nh&v=
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFD202301&filename=1022497653.nh&v=
https://doi.org/10.1016/j.jretconser.2024.103974
https://doi.org/10.2753/MTP1069-6679200201


 
Volume 8 Issue 24 (March 2026) PP. 439-458 

457 
 

https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CDFD&dbname=CDFDLAST2

022&filename=1020146487.nh&v= 

Wang, S. (2021). A study on the influencing factors of consumers' purchase intention in live-

streaming e-commerce: From the perspective of perceived value [Master’s thesis, 

Southwestern University of Finance and Economics]. 

Wang, S., Wang, J., & Li, F. (2020). The formation mechanism of user satisfaction with 

personalized recommendation from the perspective of value co-creation. Business 

Economics Research, 2020(23), 68–71. 

Wang, Y., & Chang, J. (2021). “Social + e-commerce” group-buying marketing and users' 

purchase intention: A discussion on the consumption pattern of the digital acquaintance 

economy. Business Economics Research, 2021(12), 84–87. 

Wang, Z., Si, L., Liu, B., Liu, Y., Sun, Z., Liu, Z., Zhang, H., & Liu, Q. (2021). Research on 

personalized news recommendation based on system dynamics. Journal of Hebei 

University of Science and Technology, 42(2), 9. 

Wu, S., Li, Y., & Bai, L. (2021). Analysis of consumer behavior choices in online agricultural 

product shopping. Rural Economy and Science–Technology, 32(17), 120–123. 

Xu, X., Sun, H., & Jia, Q. (2024). Knowledge system and trend outlook of live e-commerce 

research under the TCCM framework: A hybrid-methods literature review. Nankai 

Business Review, 47. Advance online publication. 

Yan, P., Peng, K., Chen, F., & Jiang, R. (2024). An empirical study on improving purchase 

intention of new-style tea drinks among young consumers: From the perspective of 

perceived value. Journal of Tea Science, 44(6), 1023–1036. 

https://doi.org/10.13305/j.cnki.jts.2024.06.009 

Yang, C. (2024). The influence of digital marketing on residents' tourism consumption 

intention: A chain mediation model based on online word of mouth and perceived value. 

Business Economics Research, 2024(7), 67–70. 

Yang, H., & Zhu, Y. (2024). The influence of apparel review information characteristics on 

consumers' purchase intention. Silk, 12. Advance online publication. 

Yang, M. (2025). The effects of information timeliness on social media on customer 

engagement. In Global dialogue on media dynamics, trends and perspectives on public 

relations and communication. CRC Press. 

Yang, M., & Qiao, W. (2023). The influence of co-branded product attributes on consumers' 

purchase intention: From the perspective of perceived value. Technology Economics, 

42(5), 201–212. 

Yang, X., & Zhang, L. (2020). A study on the long-term effect of e-commerce promotional 

activities: An empirical analysis based on Tmall consumers. Technoeconomics & 

Management Research, 2020(6), 36–41. 

Yang, Z., & Ren, W. (2024). External situational cues in cross-border online shopping and 

consumers' purchase intention: The mediating roles of perceived functional value and 

perceived value. Business Economics Research, 2024(22), 74–77. 

Yang, Z., & Shen, Q. (2015). Current status and trend analysis of China's import cross-border 

e-commerce development. In Proceedings of the 2015 International Conference on 

Education Technology, Management and Humanities Science (ETMHS 2015). 

https://doi.org/10.2991/etmhs-15.2015.47 

Zhang, Q. (2023). A study on the influencing factors of consumers' continuous purchase 

intention in live-streaming e-commerce [Master’s thesis, Shanxi University of Finance 

and Economics]. 

https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFDTEMP

&filename=1023508364.nh&v= 

https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CDFD&dbname=CDFDLAST2022&filename=1020146487.nh&v=
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CDFD&dbname=CDFDLAST2022&filename=1020146487.nh&v=
https://doi.org/10.13305/j.cnki.jts.2024.06.009
https://doi.org/10.2991/etmhs-15.2015.47
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFDTEMP&filename=1023508364.nh&v=
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFDTEMP&filename=1023508364.nh&v=


 
Volume 8 Issue 24 (March 2026) PP. 439-458 

458 
 

Zhang, Q., Wang, Y., & Ariffin, S. K. (2024). Consumers purchase intention in live-streaming 

e-commerce: A consumption value perspective and the role of streamer popularity. 

PLOS ONE, 19(2), e0296339. https://doi.org/10.1371/journal.pone.0296339 

Zhang, R. (2022). A study on the influence of content marketing in live-streaming e-commerce 

on consumers' purchase intention [Master’s thesis, Guizhou University]. 

https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFD20230

1&filename=1022613356.nh&v= 

Zhang, X. (2021). A study on the influence of perceived value on consumers' continuous usage 

intention of livestreaming marketing model: Based on ECM and VAM model integration 

[Master’s thesis, Qingdao University]. 

Zhou, H., Xiong, F., & Chen, H. (2023). A comprehensive survey of recommender systems 

based on deep learning. Applied Sciences, 13(20), 11378. 

https://doi.org/10.3390/app132011378 

Zhou, N. (2022). A study on the influence of perceived value in live-streaming e-commerce on 

consumers' purchase intention [Master’s thesis, University of South China]. 

https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFDTEMP

&filename=1023451008.nh&v= 

Zhou, R., & Tong, L. (2022). The influence of perceived value during livestreaming e-

commerce on consumers' purchase intention: The mediating effect of emotion. 

Frontiers in Psychology, 13. https://doi.org/10.3389/fpsyg.2022.903023 

Zhou, Y., & Chang, L. (2023). The influence of user recommendations on social e-commerce 

platforms on consumers' green product purchase intention. Business Economics 

Research, 2023(6), 60–64. 

Zhu, P., & Chen, Y. (2024). Construction of an agricultural product content marketing system 

based on “livestream + short video”. Agricultural Economy, 2024(8), 139–141 

https://doi.org/10.1371/journal.pone.0296339
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFD202301&filename=1022613356.nh&v=
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFD202301&filename=1022613356.nh&v=
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFDTEMP&filename=1023451008.nh&v=
https://kns.cnki.net/KCMS/detail/detail.aspx?dbcode=CMFD&dbname=CMFDTEMP&filename=1023451008.nh&v=
https://doi.org/10.3389/fpsyg.2022.903023

