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The study investigates the experiences and perceived support needed by 

English language educators in Malaysia when integrating AI tools into 

teaching practices across three instructional phases. Adopting a 

convergent parallel mixed-methods approach, quantitative data were 

gathered from 69 English educators via questionnaires and qualitative 

insights were obtained through semi-structured interviews with four 

purposefully selected educators. Guided by Abdous’s (2011) Process-

Oriented Framework, the findings reveal that while educators 

predominantly use AI tools for lesson planning (89.9%), AI use declines 

substantially in the after-lesson phase (59.4%), largely due to technical 

challenges, insufficient training, and inconsistent institutional support. 

Notably, the study challenges earlier literature that characterised AI use 

as exploratory during lessons, instead revealing a robust in-class 

adoption rate of 78.3%, suggesting growing pedagogical confidence. A 

support-practice paradox was identified: despite perceived institutional 

encouragement, the absence of clear policy guidelines and inadequate 

infrastructure constrain meaningful AI integration. The study 

underscores the urgent need for comprehensive, subject-specific 

professional development, improved technological infrastructure, and 

clearer institutional guidelines to support effective and reflective AI 

integration across the full instructional lifecycle in Malaysian English 

Language Teaching. 
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Introduction  

 

English language educators in Malaysia are increasingly turning to Artificial Intelligence (AI) 

tools to navigate the demands of a Common European Framework of Reference (CEFR) 

aligned curriculum, yet the conditions needed to support this shift remain structurally 

inadequate (Mahusin et al., 2024; Zhang & Aslan, 2021). While generative tools such as 

ChatGPT and Gemini have been rapidly adopted to facilitate lesson planning, real-time 

instruction, and post-lesson feedback (Akbarani, 2023; Gayed, 2025; Shamsuddinova et al., 

2024), the lived experiences of the educators navigating this transition remain largely absent 

from the research literature. Most studies celebrate AI's affordances or document student 

outcomes, yet few examine how teachers actually experience AI across the full instructional 

lifecycle and what institutional support, or lack thereof, shapes those experiences (Holmes et 

al., 2023; Zawacki-Richter et al., 2019). This gap is not merely academic; in a context where 

infrastructure is uneven, training is inconsistent, and policy guidance is sparse, understanding 

educators' experiences is a prerequisite for any meaningful AI integration agenda. 

 

AI tools do offer genuine affordances for English Language Teaching (ELT). They personalise 

learning experiences to meet individual student needs (Rukiati et al., 2023), allow for the 

customisation of instructional materials (Crompton et al., 2024), and platforms like Grammarly 

provide immediate corrective feedback. The automation of administrative tasks such as grading 

and assignment distribution further frees educators to engage in more meaningful teacher-

student interactions (Idham et al., 2024). Yet these benefits remain unevenly realised in 

practice. 

 

The reasons for this unevenness are well documented. Most research focuses narrowly on AI 

integration for lesson planning (Mohammadi et al., 2024; Yilmaz & Durmus, 2024), while 

application during active instruction remains underexplored (Holstein et al., 2019). Literature 

addressing educators' experiences across the complete instructional lifecycle, before, during, 

and after lessons, remains conspicuously absent (Holmes et al., 2023; Zawacki-Richter et al., 

2019). Implementation is further complicated by inconsistencies in practice (Shamsuddinova 

et al., 2024), mixed attitudes regarding academic integrity (Mehdaoui & Bessaid, 2024), 

varying levels of AI literacy (Ayanwale et al., 2024), inadequate infrastructure (Sayari, 2025), 

and a lack of clear pedagogical frameworks (Qayyum et al., 2025; Semwaiko et al., 2024). This 

fragmentation constitutes the central gap this study addresses. 
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By adopting Abdous's (2011) Process-Oriented Framework, this study provides a systematic 

exploration of how English language educators act and reflect through the three phases of 

instruction. This fuller understanding of AI's impact on lesson planning, classroom practice, 

and post-lesson feedback (Al-Zahrani, 2024) offers practical guidance for educators and critical 

insights for policymakers seeking to inform clearer AI guidelines and improved professional 

development (Crompton et al., 2024). Specifically, this study aims to: 

 

1. Explore English language educators’ experiences with using AI tools before, during, 

and after lessons. 

2. Investigate the perceived institutional support English language educators receive when 

integrating AI tools into their teaching practices. 

 

Literature Review  

 

Artificial Intelligence (AI) in English Language Teaching (ELT)  

 

In Malaysia, the English language curriculum is fundamentally structured by the CEFR, which 

provides a global benchmark for language proficiency and dictates the parameters for 

instruction and assessment across educational tiers (Ahmad Afip et al., 2019). The integration 

of AI into ELT has expanded rapidly within this context, presenting a dual landscape of 

unprecedented pedagogical opportunities and systemic complexities (Jose & Jose, 2024; 

Holmes & Tuomi., 2022). 

 

AI tools offer significant affordances for language instruction by facilitating personalised 

learning trajectories that cater to individual student proficiencies. Platforms powered by AI 

analyse student performance to tailor instructional content (Rukiati et al., 2023), while 

technologies such as Grammarly provide instantaneous linguistic feedback (Idham et al., 

2024). Beyond direct instruction, AI streamlines administrative burdens including automated 

grading and assignment distribution, thereby liberating educators to engage in more nuanced 

teacher-student interactions (Idham et al., 2024). 

 

Despite the surge in research surrounding AI in ELT, existing literature remains significantly 

fragmented. Current research predominantly emphasises the ‘Before’ phase of instruction, 

specifically AI-assisted lesson planning and content generation (Mohammadi et al., 2024; 

Yilmaz & Durmus, 2024). Conversely, ‘After-lesson’ applications such as data-driven 

reflective practice and automated assessment are frequently treated as peripheral administrative 

tasks rather than core pedagogical components (Boubker, 2024; Wulandari & 

Purnamaningwulan, 2024). This fragmentation constitutes a critical research gap in ELT, there 

is a need for a holistic understanding of how an educator’s AI-assisted design phase directly 

informs real-time classroom orchestration and subsequent reflective evaluation (Holmes et al., 

2023; Zawacki-Richter et al., 2019). Furthermore, while technical barriers in rural contexts are 

well-documented (Kamarullah et al., 2024; Roshan et al., 2024), there is a profound lack of 

evidence regarding how perceived institutional support influences educators’ decision-making 

across this entire instructional lifecycle. This study directly addresses this gap.  

 

Theoretical Lens: Process-Oriented Framework 

 

The theoretical foundation of this study is Abdous’s (2011) Process-Oriented Framework, 

which conceptualises technology integration as a multidimensional construct requiring diverse 
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competencies throughout a cyclical lifecycle. This framework is structured around three 

sequential yet non-linear phases: (1) Before, involving preparation, planning, and design; (2) 

During, focusing on facilitation, interaction, and the gathering of feedback; and (3) After, 

dedicated to reflection and the consideration of lessons learned. By moving beyond a static 

perception of technology adoption, this framework provides a systemic understanding of the 

shifting roles and competencies required of educators as they navigate digital environments 

(Figure 1). 

 

Figure 1: Process-Oriented Framework 
Source: Abdous, 2011 

 

In the before-lesson phase, educators plan lessons, curate content, and select teaching tools, 

including AI-generated materials tailored to students’ proficiency levels (Mishra & Koehler, 

2006). The during-lesson phase focuses on implementing AI in classroom activities and 

understanding its influence on student learning (Zhu et al., 2025). In the after-lesson phase, 

educators reflect on the lesson, evaluate outcomes, and plan future improvements while 

utilising AI-generated insights for professional growth (Zhu et al., 2025). Critically for this 

study, the framework also highlights perceived support needs at each phase: professional 

development and technical assistance before teaching (Holmes et al., 2023), peer networks and 

troubleshooting support during lessons (Venkatesh et al., 2016), and guidance on evaluating 

AI’s impact after teaching (Tay, 2024). 

 

The framework has demonstrated its capacity to map the complexities of instructional practice 

within the Malaysian educational landscape. Izhar et al. (2021) adapted this framework to 

identify critical challenges faced by educators during the sudden transition to online teaching, 

revealing that different instructional phases demand distinct competencies and unique barriers. 

Izhar et al. (2022) further utilised this lens to categorise intrinsic and extrinsic barriers, 

highlighting that while extrinsic factors like infrastructure are highly visible, intrinsic factors 

such as educator confidence and lesson planning are the most significant hurdles to 

instructional readiness. In the context of AI integration, Zhu et al. (2025) applied the framework 

to evaluate the integration of the DeepSeek model in higher education, finding that while AI 

offers support across the entire instructional arc, its transformative potential is most 

pronounced in the ‘Before’ phase. Unlike knowledge-centric models such as TPACK, which 

primarily categorise what educators know, the Process-Oriented Framework examines how 

educators act as active mediators of technology, making it particularly well-suited for the 

present study. 
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Applying the Process-Oriented Framework to AI Integration in ELT 

 

The contemporary shift in ELT is increasingly defined by the integration of AI across all three 

instructional stages identified by Abdous (2011). Within the Before phase, AI is transforming 

the educator’s role from a consumer of materials to a designer of adaptive content. Yeh (2024) 

highlights that AI supports the creation of interactive and personalised resources, while 

generative tools like ChatGPT facilitate time-saving lesson planning and content sequencing 

(Boubker, 2024; Wulandari & Purnamaningwulan, 2024). However, a critical tension exists: 

the effective use of these tools is fundamentally predicated on robust infrastructure, and the 

digital divide in rural areas acts as a significant barrier to these preparatory practices 

(Kamarullah et al., 2024). 

 

Within the During phase, Zainuddin (2024) highlights AI’s capacity to enhance classroom 

interactivity and student motivation. AI’s ability to provide real-time feedback and immediate 

instructional support is cited as a primary driver of learner autonomy (Huang et al., 2024; 

Tiwari, 2024). Yet a pedagogical paradox emerges while tools like virtual tutors offer 

individualised practice, there are growing concerns that such reliance may disrupt classroom 

flow or erode traditional teacher-student rapport, risking a superficial learning environment if 

not anchored in sound pedagogical judgment. 

 

In the After phase, AI tools play a pivotal role in assessment and reflective practice. Post-lesson 

applications, such as customised assessment through platforms like Quizizz, demonstrate AI’s 

potential to streamline grading and reduce workload (Wulandari & Purnamaningwulan, 2024; 

Boubker, 2024). However, educators have expressed caution that automated grading systems 

may lack the human discernment required for accurate linguistic assessment, potentially 

introducing bias or failing to capture the depth of student progress (Özkan et al., 2024). Across 

all three phases, a consistent pattern emerges: the successful integration of AI is constrained by 

gaps in educators’ technical literacy, a lack of targeted training (Ghiasvand et al., 2024; Hago 

Elmahdi et al., 2024), and ethical anxieties regarding academic integrity (Mabuan, 2024). 

These challenges point to a support-practice gap that this study empirically investigates. 

 

Perceived Support for AI Integration in Instructional Practice 

 

As AI technologies continue to evolve in education, institutional support emerges as a key 

determinant of effective implementation. Roshan et al. (2024) found a statistically significant 

correlation between participation in AI-related training and increased teacher confidence, while 

also revealing that 70% of teachers had not received any form of AI-specific professional 

development, highlighting a critical support gap. Moy and Feldstein (2024) described a novel 

approach through “AI Institutes” in which educators are provided with hands-on experiences 

modelling appropriate ways to teach and learn with generative AI tools. Such subject-specific 

initiatives are essential for ensuring meaningful and ethical AI integration (Karki & Karki, 

2025; Kohnke et al., 2023). 

 

Infrastructure factors also play a vital role. Roshan et al. (2024) reported that 40% of educators 

cited insufficient resources as a barrier to AI implementation, a finding supported by Kumar 

(2024) who highlighted that poor internet connectivity and inadequate infrastructure 

disproportionately hinder progress in rural and under-resourced areas. The freemium model of 

many AI tools further creates financial barriers that limit equitable access (Blahopoulou & 
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Ortiz-Bonnin, 2025). Without institutional support to address these constraints, meaningful AI 

integration is likely to remain uneven. 

 

Clear institutional policies are equally critical. Bakhadirov and Alasgarova (2024) suggested 

that schools develop clear policies and frameworks to address both the technical and 

pedagogical aspects of AI adoption. Chan (2023) introduced a comprehensive AI Ecological 

Education Policy Framework addressing the pedagogical, governance, and operational 

dimensions of AI integration. Leadership support has also emerged as an important factor: Zeng 

et al. (2025) highlighted the role of digital leadership in mitigating teacher barriers such as lack 

of training and limited resource access, while Sanders and Mukhari (2024) identified 

administrative backing as critical for successful AI integration. Collectively, these studies 

emphasise that integrated institutional measures encompassing training, infrastructure, policy, 

and leadership are essential prerequisites for effective AI implementation in education.  

 

Methodology 

 

This study employed a convergent parallel mixed-methods design (Creswell & Plano Clark, 

2018) to investigate English language educators’ experiences with AI tools, guided by 

Abdous’s (2011) Process-Oriented Framework, and their perceived support. In this design, 

equal weight is given to both quantitative and qualitative inquiry (Figure 2). Quantitative data 

capturing the breadth of patterns in AI use and support were collected via questionnaire, while 

qualitative data capturing the depth of educators’ experiences were gathered through semi-

structured interviews and open-ended questionnaire items. The two data strands were collected 

concurrently, analysed independently, and then merged at the interpretation phase for 

comparison and integration (Creswell & Plano Clark, 2018). 

 

The framework guides instrument design, data collection, coding categories, data analysis, and 

interpretation. To enhance trustworthiness, multiple triangulation strategies were employed. 

First, data triangulation was achieved by comparing and integrating findings from the semi-

structured interviews with both Likert-scale and open-ended survey responses. Second, analyst 

triangulation was ensured through independent coding by two researchers, with discrepancies 

resolved through discussion. Third, member checking was conducted to verify the accuracy of 

interview transcripts and preliminary interpretations with participants (Creswell & Poth, 2018). 

Content analysis with frequency counts was applied to open-ended responses to support 

quantitative interpretation of emerging patterns. 
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Figure 2: Flowchart of Convergent Parallel Mixed-Methods Design Implemented in 

This Study 

 

Sampling 

 

A total of 69 English language educators (R1–R69) participated in the quantitative phase by 

voluntarily completing the questionnaire. Convenience sampling was employed to efficiently 

access participants across various educational institutions. Respondents were fully informed of 

the study’s purpose, their rights, and the voluntary nature of their participation prior to 

completing the questionnaire (Creswell & Poth, 2018). 

 

Four educators were purposefully selected for the qualitative phase based on three criteria: (1) 

currently teaching English, (2) prior experience using AI tools in instruction, and (3) 

willingness to share their experiences in depth. A small purposeful sample is methodologically 

appropriate in phenomenologically oriented qualitative inquiry, where the goal is depth of 

understanding rather than statistical representation (Creswell & Poth, 2018). Consistent with 

the principle of informational redundancy, Guest et al. (2006) demonstrated that thematic 

saturation is commonly achieved within four to six interviews when the research focus is 

narrow and participants are homogeneous, conditions that are met in the present study. For 

confidentiality, informants were pseudonymously coded as EE1 to EE4 (Table 1). 
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Table 1: Informants’ Demographic Background 

 

No. Pseudonym Gender Teaching Experience Institution 

1 EE1 Female 21 years Primary School 

2 EE2 Male 12 years Primary School 

3 EE3 Male 10 years University 

4 EE4 Female 16 years University 

 

Data Collection 

 

The questionnaire was adapted from Gayed (2025) and Ng et al. (2024) and comprised Likert-

scale items, multiple-choice questions, and open-ended items. These components measured the 

frequency and perceived usefulness of AI use and gathered contextual insights into challenges 

faced at each instructional phase, addressing both research objectives. Semi-structured 

interviews explored educators’ experiences with AI tools across the three instructional phases 

and their perceptions of institutional support. Interviews were conducted individually at times 

selected and agreed upon by informants, lasting 20–25 minutes each, and were audio-recorded 

with informed consent (Creswell & Creswell, 2018). Both the questionnaire and interview 

protocol were validated by two experts in English education and educational technology with 

10–13 years of research experience. The reliability of the questionnaire was assessed using 

Cronbach’s alpha (α = .903), indicating high internal consistency (Taber, 2018). Ethical 

considerations were central to the study, with informed consent obtained from all participants 

prior to data collection. 

 

Data Analysis 

 

Quantitative data from questionnaires were analysed using SPSS to generate descriptive 

statistics including means, standard deviations, frequencies, and percentages. Qualitative 

interview data were analysed deductively using a coding scheme aligned with the three phases 

of Abdous’s (2011) Process-Oriented Framework and pre-established themes from the 

literature (Fereday & Muir-Cochrane, 2006). Two researchers independently coded the 

transcripts; discrepancies were resolved through discussion and mutual agreement (Braun & 

Clarke, 2006). Open-ended survey responses were analysed through content analysis, with 

frequency counts used to identify and quantify recurring patterns. 

 

Findings 

 

Respondent Profiles 

 

Of the 69 questionnaire respondents, 78.3% (n = 54) were female and 20.3% (n = 14) were 

male, and one (1.4%) preferred not to disclose their gender. This female-dominant distribution 

is characteristic of the Malaysian English language teaching workforce as shown in Figure 3.  
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Figure 3: Gender Distribution of Respondents 

 

In terms of educational background, respondents were evenly distributed between Bachelor’s 

degree holders (n = 34, 49.3%) and Master’s degree holders (n = 34, 49.3%), with one doctoral 

graduate (1.4%), reflecting a highly qualified participant pool as summarised in Figure 4.  

 

 
Figure 4: Educational Background of Respondents 

 

Regarding institutional affiliation, the largest group was from universities or colleges (n = 27, 

39.1%), followed by primary schools (n = 23, 33.3%) and secondary schools (n = 18, 26.1%), 

ensuring representation across educational levels illustrated in Figure 5.  
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Figure 5: Institutional Distribution of Respondents 

 

Teaching experience was concentrated in the mid-to-senior career range, with the largest cohort 

having 15–16 years of experience (n = 21, 30.4%) detailed in Figure 6. 

 

 
Figure 6: Teaching Experience of Respondents 

 

English Language Educators’ Experiences with AI Tools Before, During, and After Lessons 

 

The study identified a high yet uneven level of AI adoption among English language educators. 

Quantitative data revealed that lesson preparation serves as the primary entry point for AI 

integration, with 89.9% (n = 62) of educators utilising these tools before teaching. Of these 

users, 35.5% rated the tools as “extremely helpful” and 56.5% as “moderately helpful.” In-

class implementation remained robust at 78.3% (n = 54), with 83.3% of in-class users reporting 

high perceived utility, a finding that notably challenges Holstein et al.’s (2019) characterisation 

of AI classroom use as exploratory. A significant decline was observed in the after-lesson phase, 

where usage dropped to 59.4% (n = 41). Qualitative insights corroborated these patterns, 

identifying ChatGPT as the dominant platform (used by over 75% of educators), followed by 

Canva (13%) and specialised tools such as SpeechAce, Grammarly, and Gemini. 
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Before Lessons: Planning and Content Design 

 

Consistent with the Before phase of Abdous’s (2011) framework, the findings reveal a clear 

transition among educators from traditional lesson execution to active AI-assisted design. 

Educators’ primary motivation for AI adoption in this phase was efficiency: as EE1 noted, tools 

“save me time by automatically generating lesson plans.” EE2 similarly described AI as a 

regular component of practice, stating “when it comes to lesson planning, basically I use AI 

quite a bit.” Beyond efficiency, educators valued the comprehensiveness of AI-assisted 

planning; EE3 highlighted that “when it comes to AI, it will consider all angles,” suggesting a 

shift from procedural task management to a more holistic, design-oriented pedagogical stance. 

Content creation emerged as a critical function, with 77.7% of educators using AI to develop 

instructional materials and 75.8% using it to generate examples. EE4 elaborated: “I also use 

ChatGPT to generate materials for my lessons… it actually allows me to create more 

interesting content.” EE3 described a sophisticated prompting process, providing ChatGPT 

with detailed parameters including activity type, timing, and student proficiency level to 

generate highly tailored lesson resources. This mirrors the preparatory design competencies 

emphasised by Abdous (2011) and reflects the growing role of prompt literacy as an 

instructional skill in AI-mediated education. This finding extends Abdous’s (2011) 

conceptualisation of the Before phase by suggesting that AI-mediated lesson planning requires 

not only traditional design competencies but also prompt literacy, whereby educators 

strategically formulate and refine prompts to generate pedagogically appropriate instructional 

materials. 

 

 During Lessons: Real-Time Interaction and Scaffolding 

 

Consistent with the During phase of Abdous's (2011) framework, which centres on facilitation 

and interaction, AI served to transform classrooms into more dynamic and responsive 

environments. EE2 described AI as transformative for student engagement: “the use of AI tools 

in my classroom really enhances my lesson and actually attracts their attention.” This 

interactivity was reflected in the 63% of educators who utilised AI for engaging classroom 

activities. The provision of real-time feedback was a pivotal application (used by 42.6%): EE4 

described using SpeechAce “to give students real-time feedback on their pronunciation,” while 

EE2 noted that Grammarly “really gives you the immediate feedback of what the students have 

to do.” 

 

On-the-spot instructional support was another key function. EE2 described a practice of 

allowing students to access Siri or ChatGPT for “quick answers related to grammar, 

comprehension, or pronunciation during class activities,” a strategy supported by 61.2% of 

educators. Most educators reported high confidence in guiding students during this phase, with 

37.7% agreeing and 21.7% strongly agreeing that they feel confident facilitating AI-supported 

activities. Taken together, these patterns suggest that educators are not merely tolerating AI in 

the classroom but are actively leveraging it as a scaffold for real-time language development. 

  

After Lessons: Assessment and Reflective Growth 

 

The after-lesson phase, corresponding to Abdous’s (2011) reflection and evaluation stage, 

showed the lowest adoption rate, yet revealed emerging practices in personalised feedback and 

data-driven professional growth. EE3 described how SpeechAce provides performance 

feedback aligned with CEFR bands, enabling students to “identify their weaknesses and work 
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on improving them.” This aligns with survey data where 73.2% of educators used AI for 

personalised post-lesson feedback. Progress tracking was utilised by 48.8% of educators: EE1 

remarked, “They help me to track how students are doing overall and give me detailed data on 

which areas need more attention. This helps me adjust my future lessons.” Additionally, EE1 

described leveraging AI data for professional reflection: “I can reflect on the lesson using AI 

data to see what worked and what did not, which helps me improve every time.” Despite these 

benefits, the high missing data rate (43.5%) in this phase indicates that many educators remain 

exploratory in their post-lesson AI use, suggesting that the full potential of AI as a reflective 

partner, as envisaged by Abdous’s framework, is yet to be realised. 

 

Challenges and Mitigation Strategies Across Instructional Phases 

 

 Pedagogical and Technical Hurdles Before Lessons 

 

During the planning and preparation phase, the most significant challenge was the accuracy 

and relevance of AI-generated content (38.8%). Educators frequently encountered suggestions 

misaligned with diverse student backgrounds and proficiency levels. R17 noted: “Sometimes 

the activities provided are too easy or too difficult. I will have to manage the activities 

according to students’ proficiency.” A related challenge was prompt refinement (34.3%), where 

educators struggled to elicit desirable outputs. R11 addressed this by iteratively “giving more 

specific prompts,” while EE3 corroborated that ChatGPT and DeepSeek work “more 

effectively based on specific prompts.” Technical and access barriers (17.9%) also posed 

preparatory disruptions, including unstable internet connections (R7) and subscription 

limitations (R19). A smaller group (9.0%) cited a lack of personal AI proficiency as a primary 

barrier. Table 2 presents the coded themes with frequencies. 

 

Table 2. Challenges in the Before-Lesson Phase and Strategies for Overcoming Them 

 

Responses From Open-Ended Item Coded Themes 
Frequency 

(f) 

Percentage 

(%) 

‘Sometimes the activities provided are 

too easy or too difficult. I will have to 

manage the activities according to 

students’ proficiency.’ (R17) 

 

‘The responses are not as accurate as 

intended and need a little change to suit 

the lesson of the day.’ (R32) 

 

Accuracy Issues 

Materials not suitable 

for students/Diverse 

background 

Need for Human 

Oversight 

26 38.8 
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‘Sometimes,I received answers 

/suggestions not as what I expected in 

terms of format, not CEFR-aligned 

and too general. What I did is by 

giving more specific prompts.’ (R11) 

 

‘So far I often find the need to figure 

out good prompts for desirable output 

is a bit challenging.’ (R61) 

Prompt Refinement 

Challenges 

- Specificity and 

Clarity 

- Iteration and 

Experimentation 

23 34.3 

‘Internet connection since my school 

is currently having trouble with the 

unstable connection. Therefore I had 

to use my own mobile data to use the 

internet.’ (R7) 

 

‘Limitation of credits, need to 

subscribe monthly/yearly for more 

special features. To overcome this, 

create a few accounts or register as 

official educators.’ (R19) 

 

Technical and Access 

Barriers 

- Internet 

Connection Issues 

- Subscription. 

Access 

Limitations 

- Technical Support/ 

Infrastructure 

12 17.9 

‘Not proficient in AI.’ (R6) Lack of AI 

Proficiency  

6 9.0 

 

Total 

 

67 

 

100 

 

 Real-Time Orchestration Challenges During Lessons 

 

During active instruction, technology and infrastructure limitations emerged as the dominant 

barrier (44.7%). Educators often faced device scarcity and facility limitations that disrupted 

AI-supported lessons. R14 noted that “The Internet coverage and the facilities provided are 

not enough,” leading some educators to use personal devices as substitutes. EE2 described 

lending personal phones and tablets to students for grammar activities. Student-related 

challenges (26.3%) also emerged, particularly around over-reliance and misuse. R30 observed 

that “Pupils misuse it and provide vague responses,” while R32 expressed concern that 

students “become overly reliant on the tool and have a difficult time brainstorming by 

themselves.” Instructional efficiency and output unpredictability (21.1%) were further 

concerns, with R58 noting that identical prompts often produced different results, generating 

student confusion. Table 3 presents these findings with frequencies. 

 

Table 3: Challenges in the During-Lesson Phase and Strategies for Overcoming Them 

 

Responses From Open-Ended Item Coded Themes 
Frequency 

(f) 

Percentage 

(%) 

‘The Internet coverage and the 

facilities provided are not enough. 

Using my own equipment and try to 

Technology and 

Infrastructure 

Limitations 

17 44.7 
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provide as much as I could to pupils.’ 

(R14) 

 

- Device Scarcity 

- Internet Issues 

- Facility 

Limitations 

‘Pupils misuse it and provide vague 

responses. Set rubrics for 

assignments.’ (R30) 

 

‘Some pupils are not familiar with 

ChatGPT and some of them need help 

in writing the intended & specific 

prompt.’ (R10) 

 

‘The students become overly reliant 

on the tool and having a difficult time 

brainstorming by themselves without 

it.’ (R32) 

Student-Related 

Challenges 

- Over-Reliance on 

AI 

- Lack of AI Skills 

- Misuse of AI 

 

10 26.3 

 

‘My students are still lacking the basic 

skills to use the computer, so it's time 

consuming to use this during lesson 

because I had to guide my students 

personally.’ (R7) 

 

‘Sometimes it is hard to get what 

exactly we want for the lessons. It 

wastes our time. So it is better to 

prepare earlier.’ (R17) 

 

‘It's unpredictability in the results 

even when the same prompts are used. 

It creates series of queries from 

students asking explanations on 

differences of the results.’ (R58) 

 

 

Efficiency & Output 

Quality 

- Time-Consuming 

Use 

- Inefficiency / 

unpredictability of 

the output 

8 21.1 

‘Lack of focus on students’ part. 

Specify tasks and time frame 

accordingly based on tasks with / 

without AI use.’ (R37) 

Lesson Management 

- Student 

Distraction/Excite

ment 

- AI Making Tasks 

Too Easy 

3 7.9 

Total 38 100 

  

Reliability and Assessment Dilemmas After Lessons 

 

The after-lesson phase was predominantly defined by skepticism regarding AI feedback and 

assessment reliability (71.4%). Educators expressed profound doubt regarding the depth of AI 

evaluations. R65 stated: “I will still manually grade because AI hasn’t given me accurate 

grading of student’s work thus far.” R17 noted that AI focuses narrowly on grammatical errors 
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and fails to generate rubric-aligned comments, necessitating continued human evaluation. 

Implementation and access hurdles (17.9%) also persisted post-lesson, including limited access 

to AI tools (R26) and uncertainty about applying AI to handwritten tasks (R48). Student-related 

challenges (10.7%) included non-completion of AI-mediated tasks. Table 4 presents these 

findings. 

 

Table 4: Challenges in the After-Lesson Phase and Strategies for Overcoming Them 

 

Responses From Open-Ended Item Coded Themes 
Frequency 

(f) 

Percentage 

(%) 

‘As for essays, it’s time saving in the sense 

where we can let chatgpt check the essay. 

But I will still manually grade because AI 

hasn’t given me accurate grading of 

student’s work thus far.’ (R65) 

‘Sometimes AI doesn’t really provide 

personalised feedback. It focuses more on 

grammatical errors. I still have to read and 

come up with my own comments based on 

the rubric.’ (R17) 

‘The data generated using Al may not be 

accurate to assess pupils’ performance. In 

order to overcome this, teacher to integrate 

AI with ‘human touch’ assessment as 

well.’ (R45) 

AI Feedback and 

Assessment 

Inaccurate/ 

Inappropriate 

Feedback 

Efficiency 

Concerns 

Reliability of AI 

Assessment 

Efficiency 

Concerns 

20 71.4 

‘Limited access to AI tools.’ (R26) 

‘I have not explored on using AI tools 

grade students’ essay though i know it 

would help me a lot.’ (R9) 

‘I’m not sure how they can help with 

handwritten tasks.’ (R48) 

‘To get the data after class, will take 

sometimes, so I usually set the time.’ 

(R66) 

Implementation 

and Access 

Limited Resources 

Lack of 

Knowledge/ 

Exploration 

Time Constraints 

5 17.9 

‘Students do not do their tasks because 

they struggle with AI.’ (R39 & R69) 

‘Some students didn't complete the tasks 

I've given.’ (R7) 

Student-Related 

Challenges 

Student Task 

Completion 

Student struggle 

3 10.7 

Total 28 100 

 

Perceived Institutional Support and Training Needs 

 

 Perceived Institutional Support for AI Integration 

 

Perceptions of institutional support revealed a polarised trend between general encouragement 

and specific practical guidance (Table 5). Educators felt most strongly that their institutions 

encourage and support AI integration (M = 4.00, SD = .857) and reported feeling confident in 

their AI use due to this perceived backing (M = 3.77, SD = .860). However, the provision of 
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clear guidelines for classroom AI use received the lowest mean score (M = 3.14, SD = .974), 

indicating a deficit in institutional policy that leaves educators without clear direction. 

Furthermore, 49.3% of educators perceived that their institutions “supported but did not 

formally reward” innovative teaching practices, while 34.8% indicated that innovation was left 

largely to individual initiative. Despite these gaps, a majority (56.5%) expressed an optimistic 

outlook on AI’s future role in their teaching. 

 

Table 5: Perceived Institutional Support for Integrating AI into Teaching Practices (N = 

69) 

 

Item 
M 

(SD) 

Strongly 

Disagree 

(%) 

Disagree 

(%) 

Neutral 

(%) 

Agree 

(%) 

Strongly 

Agree 

(%) 

I feel confident using AI in 

class because of the support 

from my institution. 

3.77 

(.860) 

0 5  

(7.2) 

20  

(29) 

30 

(43.5) 

14  

(20.3) 

My institution encourages and 

supports the integration of AI 

in my teaching practice. 

4.00 

(.857) 

0 4  

(5.8) 

13 

(18.8) 

31 

(44.9) 

21  

(30.4) 

My institution offers training 

on how to use AI in education. 

3.68 

(.978) 

3  

(4.3) 

4  

(5.8) 

17 

(24.6) 

33 

(47.8) 

12  

(17.4) 

My institution gives clear 

guidelines for using AI in the 

classrooms. 

3.14 

(.974) 

5  

(7.2) 

9  

(13) 

30 

(43.5) 

21 

(30.4) 

4  

(5.8) 

My institution supports new 

and creative ways of using AI 

in teaching. 

3.80 

(.850) 

0 5  

(7.2) 

18 

(26.1) 

32 

(46.4) 

14  

(20.3) 

 

 Professional Development and Support for AI Integration 

 

Quantitative and qualitative data identified a significant gap in professional development for 

AI. Only 49.3% of educators had attended professional development courses on AI, while 

50.7% had not. A strong demand for training was expressed by 59% (n = 36) of educators, with 

EE1 suggesting that support should be organised at higher administrative levels: “It would be 

great if my school could offer more training… it can also be from the PPD or JPN.” Educators 

exhibited a specific preference for subject-specific training, with EE4 emphasising the need for 

“focus training on AI apps for teachers, for English language teaching.” 

 

Table 6 presents educators ranked preferences for AI training topics. AI-based digital assistants 

(tutors) emerged as the most preferred topic (M = 1.93, SD = 1.375), followed by AI agents in 

the smart classroom (M = 2.83, SD = 1.175). AI in education: ethical frameworks was ranked 

the least preferred (M = 3.54), though its high standard deviation (SD = 1.410) indicates 

polarisation in views on the immediate relevance of ethical training. Additionally, EE3 

expressed hope for school-funded access to premium AI platforms to utilise more advanced 

features beyond free-tier limitations. 
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Table 6: Prospective Topics of AI Training Desired by Educators 

 

No Items Mean 
Std. 

Deviation 

1 AI-based digital assistants (tutors) and their application to 

education 

1.93 1.375 

2 AI-based learning analytics 3.33 1.314 

3 AI in school management systems 3.38 1.189 

4 AI agents in the smart classroom 2.83 1.175 

5 AI in education: ethical frameworks 3.54 1.410 

 

Discussion 

 

The integration of AI into English language pedagogy in Malaysia represents a significant shift 

from traditional instructional methods toward a technology-mediated, design-based approach. 

When interpreted through Abdous’s (2011) Process-Oriented Framework, the findings 

illuminate both the promise and the systemic constraints of this transformation, revealing a 

consistent pattern across all three phases: educators are actively adopting AI tools, yet full 

integration across the instructional lifecycle remains hampered by what this study terms a 

support-practice paradox. 

 

The Dominance of Preparatory Design and the Post-Lesson Void 

 

The findings confirm that the Before phase, encompassing planning and content creation, 

serves as the primary anchor for AI integration among Malaysian ELT educators. This pattern 

is consistent with the Process-Oriented Framework’s emphasis on preparatory design as the 

foundation of instructional coherence (Abdous, 2011) and aligns with broader findings in the 

literature: Zhu et al. (2025) similarly observed that AI’s transformative impact is most 

pronounced in preparatory efficiency, while Wulandari and Purnamaningwulan (2024) and 

Boubker (2024) documented strong AI uptake in lesson planning and content generation.  

 

Importantly, however, the present study advances beyond mere documentation of AI use in the 

Before phase. The finding that educators describe AI as considering “all angles” in planning 

suggests a qualitative shift in pedagogical design-thinking: AI is functioning not merely as a 

shortcut but as a cognitive partner in constructing comprehensive lesson architecture. This 

aligns with the competency development emphasis of Abdous’s (2011) framework and 

represents a more sophisticated form of human-AI collaboration than has been reported in prior 

Malaysian ELT research. From a theoretical perspective, this finding extends Abdous’s (2011) 

conceptualisation of the Before phase by suggesting that AI-mediated lesson planning requires 

not only traditional design competencies but also prompt literacy, whereby educators 

strategically formulate and refine prompts to generate pedagogically appropriate instructional 

materials. 

 

In contrast, the significant decline in AI use in the After phase, from 78.3% during lessons to 

59.4% post-lesson, reveals what this study terms a post-lesson void. This finding extends 

Holstein et al.'s (2019) observation that educators remain exploratory in classroom 

orchestration by demonstrating that the gap is most acute not during instruction, but in the 
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reflective and evaluative stage that Abdous (2011) identifies as essential for long-term 

professional growth. The persistent reluctance to use AI for post-lesson assessment is driven 

not by disinterest, but by well-founded skepticism: educators’ concerns about inaccurate 

grading and lack of nuanced linguistic feedback align with Özkan et al.’s (2024) findings that 

AI tools cannot yet fully replicate the reflective judgment required for authentic language 

assessment. This cautious stance represents the exercise of professional agency, not 

technological aversion. 

 

The Support-Practice Paradox and Infrastructure Disparities 

 

A critical contribution of this study is the identification and naming of the support-practice 

paradox: educators perceive high levels of institutional encouragement (M = 4.00) yet 

simultaneously lack the clear policy guidelines (M = 3.14) and reliable infrastructure needed 

for consistent implementation. This paradox constitutes a structural contradiction: institutions 

signal support in principle while failing to provide the operational conditions necessary for that 

support to be enacted in practice. This mirrors the infrastructure challenges documented by 

Izhar et al. (2021) during Malaysia’s transition to online teaching, where technological access 

remained the most prevalent hurdle despite institutional intent. 

 

The necessity for educators to use personal mobile data and devices reinforces the digital divide 

highlighted by Kamarullah (2024) and Kumar (2024), suggesting that AI integration currently 

functions as an urban privilege: educators in under-resourced or rural areas must perform 

additional invisible labour to compensate for systemic infrastructure failures. This has equity 

implications that extend beyond individual teaching quality to the structural fairness of 

technology-mediated education in Malaysia. Addressing this paradox requires institutions to 

move from declarative encouragement to operational support, including the formulation of 

explicit classroom AI policies, investment in connectivity, and the provision of institutional 

device access. 

 

Educator Agency: The Necessity of the Human-in-the-Loop 

 

Despite the efficiency promised by AI, the findings reveal a robust sense of educator agency 

among Malaysian teachers. The skepticism regarding AI-driven grading, the preference for 

“human touch” assessment, and the practice of iteratively refining AI outputs indicate that 

educators are not passive adopters of technology. Rather, they act as active mediators who 

strategically filter and adapt AI suggestions to meet the diverse proficiency levels and 

curriculum requirements of the CEFR context. This aligns with Abdous's (2011) framing of the 

educator as a competent mediator of technology, rather than a subordinate to it. 

 

This cautious stance resonates with Özkan et al.’s (2024) argument that AI tools should enhance 

teaching efficiency without displacing the nuanced linguistic judgment only a human 

practitioner can provide. The persistent concern regarding student over-reliance and the erosion 

of critical thinking skills also aligns with the ethical anxieties documented by Mabuan (2024). 

By maintaining evaluative authority, educators preserve the human dimensions of language 

learning that automated algorithms cannot replicate, reflecting what Biesta (2009) terms the 

“messiness” of genuine human-led inquiry. 
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Reconceptualizing Professional Development: From Usage to Literacy 

 

Educators' strong preference for subject-specific AI training, particularly AI-based digital 

tutors and smart classroom agents, signals a prioritisation of immediate classroom utility over 

policy literacy (Karki & Karki, 2025). While this is pragmatically understandable, it also 

represents a significant risk. Without formal grounding in the ethical and policy dimensions of 

AI (Chan, 2023), implementation remains reactive and potentially inequitable. As Kohnke et 

al. (2023) argue, sustainable AI integration in language education requires not only technical 

training but the cultivation of critical AI literacy, defined as the capacity to evaluate, adapt, and 

challenge AI-generated content within specific socio-educational contexts. 

 

Findings suggest that while educators are increasingly engaging with AI, consistent and 

confident use across all stages of teaching remains limited, particularly in the after-lesson 

phase. Educators tend to rely on a small range of familiar tools, using them primarily for content 

generation and basic task automation, reflecting what Vera (2023) describes as the need for a 

more receptive and adaptive stance toward AI's broader possibilities. Roshan et al. (2024) 

found that the absence of targeted professional development directly constrains educators' 

readiness to adopt AI beyond familiar functions. Institutional support, where it exists, remains 

inconsistent and often too generic to address the specific pedagogical challenges educators 

face, creating discrepancies in how and when AI is meaningfully incorporated into teaching 

practice (Alqahtani & Wafula, 2025). 

 

The divergence around ethical training, reflected in its high standard deviation, further suggests 

a divide between educators who recognise the urgency of AI ethics and those who regard it as 

secondary. To address this, professional development frameworks must be redesigned to 

integrate ethical reasoning as a practical competency woven throughout subject-specific 

training, rather than as an abstract standalone topic. Institutions should also formalise peer-

sharing networks and reward mechanisms for innovative AI use (Alqahtani & Wafula, 2025), 

thereby creating the enabling conditions for educators to transition from surface-level AI 

experimentation to systematic, evidence-informed AI integration across the full instructional 

lifecycle (Kohnke et al., 2023). 

 

Conclusion 

 

This study reveals a theoretically meaningful pattern in how Malaysian English language 

educators integrate AI across the instructional lifecycle: adoption is strongest in the Before 

phase, present but contingent in the During phase, and constrained by scepticism and 

infrastructure gaps in the After phase. Critically, these findings expose a structural support-

practice paradox in which institutional encouragement consistently outpaces operational 

provision, leaving educators to navigate AI integration largely through individual initiative 

rather than systemic enablement. 

 

The implications of this disconnect demand coordinated action across multiple levels of the 

educational system. At the policy level, vague institutional endorsement must give way to 

explicit, phase-specific AI integration frameworks that are grounded in CEFR goals and ethical 

standards (Chan, 2023). At the leadership level, declarative support must be translated into 

tangible operational commitments, including sustained investment in technological 

infrastructure, institutional funding for premium AI platforms, and formal recognition of 

innovative teaching practices (Alqahtani & Wafula, 2025; Zeng et al., 2025). At the 
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professional development level, the finding that half of all participating educators had received 

no AI-specific training highlights the urgency of replacing isolated, one-off workshops with 

sustained, subject-specific, and ethically grounded learning communities (Roshan et al., 2024; 

Kohnke et al., 2023). 

 

This study contributes to the field by offering an empirically grounded, phase-differentiated 

account of AI integration in Malaysian ELT, a context that has been underrepresented in 

international AI-in-education research. The identification of the support-practice paradox and 

the post-lesson void as specific, named phenomena offers conceptual tools for future research 

and policy design. Several limitations warrant acknowledgment. The reliance on self-reported 

data, the small qualitative sample (n = 4), and the predominantly female, Malaysian participant 

pool constrain transferability. Future research should prioritise longitudinal designs, classroom 

observations, and broader sampling across regional and gender lines. As generative AI tools 

continue to evolve at pace (Zhu et al., 2025), the field urgently requires ethical implementation 

frameworks that centre educator agency as indispensable to meaningful, humane language 

teaching. 

 

Acknowledgements: The authors would like to thank all participating educators for their 

time and willingness to share their experiences. We also extend our 

gratitude to the expert validators who reviewed the research 

instruments. 

 

Funding Statement: This research received no specific grant from any funding agency 

in the public, commercial, or not-for-profit sectors. 

 

Conflict of Interest 

Statement: 

The authors declare that there is no conflict of interest regarding 

the publication of this paper. All authors have contributed to this 

work and approved the final version of the manuscript for 

submission to the International Journal of Modern Education 

(IJMOE).  

 

Ethics Statement: The study was conducted in accordance with ethical principles 

governing research involving human participants. Informed 

consent was obtained from all participants prior to data collection. 

Participant confidentiality and anonymity were maintained 

throughout the study. 

 

Author Contribution 

Statement: 

Ayuni binti Akhiar and Nurul Aziah binti Mohd Daniel contributed 

equally to the conceptualization, methodology, data collection, data 

curation, formal analysis, interpretation of findings, and writing of 

the original manuscript. Nurul Ashikin binti Izhar provided 

supervision, validation, and editing of the manuscript. All authors 

reviewed and approved the final version of the manuscript.  



   
   Volume: 8 Issue: 30 (June 2026) PP. 606-630 

626 
 

References 

 

Abdous, M. (2011). A process-oriented framework for technology integration in higher 

education. International Journal of Instruction, 4(2), 1–16. 

https://doi.org/10.1007/s12528-010-9040-5 

Ahmad Afip, L., Hamid, M. O., & Renshaw, P. (2019). Common European Framework of 

Reference for Languages (CEFR): Insights into global policy borrowing in Malaysian 

higher education. Globalisation, Societies and Education, 17(3), 378–393. 

https://doi.org/10.1080/14767724.2019.1578195 

Akbarani, R. (2023). The use of artificial intelligence in English language teaching. 

International Journal of English Learning and Applied Linguistics (IJELAL), 4(1), 14–

23. https://doi.org/10.21111/ijelal.v4i1.10756 

Alqahtani, N., & Wafula, Z. (2025). Artificial intelligence integration: Pedagogical strategies 

and policies at leading universities. Innovative Higher Education, 50(2), 665–684. 

https://doi.org/10.1007/s10755-024-09749-x 

Al-Zahrani, A. M. (2024). Unveiling the shadows: Beyond the hype of AI in education. 

Heliyon, 10(9). https://doi.org/10.1016/j.heliyon.2024.e30696 

Ayanwale, M. A., Adelana, O. P., Molefi, R. R., Adeeko, O., & Ishola, A. M. (2024). Examining 

artificial intelligence literacy among pre-service teachers for future classrooms. 

Computers and Education Open, 6, 100179. 

https://doi.org/10.1016/j.caeo.2024.100179 

Bakhadirov, M., & Alasgarova, R. (2024). Factors influencing teachers’ use of artificial 

intelligence for instructional purposes. IAFOR Journal of Education, 12(2), 9–32. 

https://doi.org/10.22492/ije.12.2.01 

Biesta, G. J. J. (2009). Good education in an age of measurement: On the need to reconnect 

with the question of purpose in education. Educational Assessment, Evaluation and 

Accountability, 21(1), 33–46. https://doi.org/10.1007/s11092-008-9064-9 

Blahopoulou, J., & Ortiz-Bonnin, S. (2025). Student perceptions of ChatGPT: Benefits, costs, 

and attitudinal differences between users and non-users toward AI integration in higher 

education. Education and Information Technologies, 1–24. 

https://doi.org/10.1007/s10639-025-13575-9 

Boubker, O. (2024). From chatting to self-educating: Can AI tools boost student learning 

outcomes? Expert Systems with Applications, 238, 121820. 

https://doi.org/10.1016/j.eswa.2023.121820 

Braun, V., & Clarke, V. (2006). Using thematic analysis in psychology. Qualitative Research 

in Psychology, 3(2), 77–101. https://doi.org/10.1191/1478088706qp063oa 

Chan, C. K. Y. (2023). A comprehensive AI policy education framework for university teaching 

and learning. International Journal of Educational Technology in Higher Education, 

20(1), 38. https://doi.org/10.1186/s41239-023-00408-3 

Creswell, J. W., & Creswell, J. D. (2018). Research design: Qualitative, quantitative, and 

mixed methods approaches (5th ed.). SAGE Publications. 

Creswell, J. W., & Plano Clark, V. L. (2018). Designing and conducting mixed methods 

research (3rd ed.). Sage Publications. 

Creswell, J. W., & Poth, C. N. (2018). Qualitative inquiry and research design: Choosing 

among five approaches (4th ed.). SAGE Publications. 

Crompton, H., Jones, M. V., & Burke, D. (2024). Affordances and challenges of artificial 

intelligence in K-12 education: A systematic review. Journal of Research on Technology 

in Education, 56(3), 248–268. https://doi.org/10.1080/15391523.2022.2121344 

https://doi.org/10.1007/s12528-010-9040-5
https://doi.org/10.1080/14767724.2019.1578195
https://doi.org/10.21111/ijelal.v4i1.10756
https://doi.org/10.1007/s10755-024-09749-x
https://doi.org/10.1016/j.heliyon.2024.e30696
https://doi.org/10.1016/j.caeo.2024.100179
https://doi.org/10.22492/ije.12.2.01
https://doi.org/10.1007/s11092-008-9064-9
https://doi.org/10.1007/s10639-025-13575-9
https://doi.org/10.1016/j.eswa.2023.121820
https://doi.org/10.1191/1478088706qp063oa
https://doi.org/10.1186/s41239-023-00408-3
about:blank


   
   Volume: 8 Issue: 30 (June 2026) PP. 606-630 

627 
 

Fereday, J., & Muir-Cochrane, E. (2006). Demonstrating rigor using thematic analysis: A 

hybrid approach of inductive and deductive coding and theme development. 

International Journal of Qualitative Methods, 5(1), 80–92. 

https://doi.org/10.1177/160940690600500107 

Gayed, J. M. (2025). Educators’ perspective on artificial intelligence: Equity, preparedness, and 

development. Cogent Education, 12(1), 2447169. 

https://doi.org/10.1080/2331186X.2024.2447169 

Ghiasvand, F., Kogani, M., & Alipoor, A. (2024). “I’m not ready for this metamorphosis”: An 

ecological approach to Iranian and Italian EFL teachers’ readiness for AI-mediated 

instruction. Teaching English with Technology, 24(3). 

https://doi.org/10.56297/vaca6841//BFFO7057/ISKI2001 

Grady, J. S., Her, M., Moreno, G., Perez, C., & Yelinek, J. (2019). Emotions in storybooks: A 

comparison of storybooks that represent ethnic and racial groups in the United 

States. Psychology of Popular Media Culture, 8(3), 207 

217. https://doi.org/10.1037/ppm0000185. 

Guest, G., Bunce, A., & Johnson, L. (2006). How many interviews are enough? An experiment 

with data saturation and variability. Field Methods, 18(1), 59–82. 

https://doi.org/10.1177/1525822X05279903 

Hago Elmahdi, O. E., AbdAlgane, M., & Saeed Balla, A. A. (2024). AI’s role in EFL: 

Optimizing opportunities while mitigating risks. International Journal of Linguistics, 

Literature & Translation, 7(10). https://doi.org/10.32996/ijllt.2024.7.10.4 

Holmes, W., & Tuomi, I. (2022). State of the art and practice in AI in education. European 

Journal of Education, 57(4), 542–570. https://doi.org/10.1111/ejed.12533 

Holmes, W., Bialik, M., & Fadel, C. (2023). Artificial Intelligence in Education. Globethics 

Publications. DOI: 10.58863/20.500.12424/4276068 

Holstein, K., McLaren, B. M., & Aleven, V. (2019). Co-designing a real-time classroom 

orchestration tool to support teacher-AI complementarity. International Journal of 

Artificial Intelligence in Education, 29(4), 422–453. 

https://doi.org/10.18608/jla.2019.62.3 

Huang, X., Dou, A., & Huang, C. (2024). Innovating college English speaking instruction 

through generative AI: Insights into pronunciation and confidence building. Curriculum 

and Teaching Methodology, 7, 45–50. http://dx.doi.org/10.23977/curtm.2024.070807 

Idham, A., Rauf, W., & Rajab, A. (2024). Navigating the transformative impact of artificial 

intelligence on English language teaching: Exploring challenges and opportunities. 

Jurnal Edukasi Saintifik. https://doi.org/10.56185/jes.v4i1.620 

Izhar, N. A., Al-dheleai Y. M., & Na, K. S. (2021). Teaching in the time of COVID-19: the 

challenges faced by teachers in initiating online class sessions. International Journal of 

Academic Research in Business and Social Sciences, 11(2), 1294-1306. 

https://doi.org/10.6007/ijarbss/v11-i2/9205  

Izhar, N. A., Al-dheleai, Y. M., Zaharudin, R., & Kew, S. N. (2022). Barriers Faced by Teachers 

in Acclimatizing to Online Teaching. Proceedings, 82(1), 11. 

https://doi.org/10.3390/proceedings2022082011  

Jose, J., & Jose, B. J. (2024). Educators’ academic insights on artificial intelligence: Challenges 

and opportunities. Electronic Journal of e-Learning, 22(2), 59–77. 

https://doi.org/10.34190/ejel.21.5.3272 

Kamarullah, K., Sarinauli, B., & Syahmidi, H. (2024). AI writing tools in the classroom: 

Investigating usage, challenges, and adaptations by rural English teachers. Premise: 

Journal of English Education and Applied Linguistics, 13(3), 1018–1044. 

https://doi.org/10.24127/pj.v13i3.10914 

https://doi.org/10.1177/160940690600500107
https://doi.org/10.1080/2331186X.2024.2447169
https://doi.org/10.56297/vaca6841/BFFO7057/ISKI2001
https://doi.org/10.1037/ppm0000185
https://doi.org/10.1177/1525822X05279903
https://doi.org/10.32996/ijllt.2024.7.10.4
https://doi.org/10.1111/ejed.12533
https://doi.org/10.18608/jla.2019.62.3
http://dx.doi.org/10.23977/curtm.2024.070807
https://doi.org/10.56185/jes.v4i1.620
https://doi.org/10.6007/ijarbss/v11-i2/9205
https://doi.org/10.3390/proceedings2022082011
https://doi.org/10.34190/ejel.21.5.3272
https://doi.org/10.24127/pj.v13i3.10914


   
   Volume: 8 Issue: 30 (June 2026) PP. 606-630 

628 
 

 Karki, B., & Karki, T. M. (2025). Integrating AI in English language teaching: Challenges and 

opportunities. Dristikon: A Multidisciplinary Journal, 15(1), 13–28. 

https://doi.org/10.3126/dristikon.v15i1.77118 

Kohnke, L., Moorhouse, B. L., & Zou, D. (2023). Exploring generative artificial intelligence 

preparedness among university language instructors: A case study. Computers and 

Education: Artificial Intelligence, 5, 100156. 

https://doi.org/10.1016/j.caeai.2023.100156 

Kumar, A. (2024). Artificial intelligence in education: Revolutionizing teaching and learning. 

Journal of Asian Primary Education (JoAPE), 1(1), 71–75. 

https://doi.org/10.59966/joape.v1i1.1207 

Mabuan, R. A. (2024). ChatGPT and ELT: Exploring teachers’ voices. International Journal of 

Technology in Education (IJTE), 7(1), 128–153. https://doi.org/10.46328/ijte.523 

Mahusin, N., Sallehudin, H., & Satar, N. S. M. (2024). Malaysia public sector challenges of 

implementation of artificial intelligence (AI). IEEE Access. 

https://ieeexplore.ieee.org/document/10643542 

Mehdaoui, A., & Bessaid, A. (2024). Exploring EFL teachers’ perceptions of students’ use of 

ChatGPT: Case of English Department at Ibn Khaldoun University of Tiaret, Algeria. 

Linguistic and Philosophical Investigation, 23(1), 1429–1444. 

Mishra, P., & Koehler, M. J. (2006). Technological pedagogical content knowledge: A 

framework for teacher knowledge. Teachers College Record, 108(6), 1017–1054. 

https://doi.org/10.1111/j.1467-9620.2006.00684.x 

Mohammadi, L., Asadi, M., & Taheri, R. (2024). Transforming EFL lesson planning with ‘To 

Teach AI’: Insights from teachers’ perspectives. Technology Assisted Language 

Education, 2(3), 46–73. https://doi.org/10.22126/tale.2025.11490.1080 

Moy, M., & Feldstein, A. (2024, April). Generative AI: A university’s approach to 

understanding opportunities and challenges. In Proceedings of the International 

Conference on Networked Learning (Vol. 14). https://doi.org/10.54337/nlc.v14i1.8091 

Ng, D. T. K., Wu, W., Leung, J. K. L., Chiu, T. K. F., & Chu, S. K. W. (2024). Design and 

validation of the AI literacy questionnaire: The affective, behavioural, cognitive and 

ethical approach. British Journal of Educational Technology, 55(3), 1082–1104. 

https://doi.org/10.1111/bjet.13411 

Osman, W. H., & Bakar, A. L. A. (2024). Enhancing English language proficiency in Malaysia: 

The Mattfawy project. Manu Jurnal Pusat Penataran Ilmu dan Bahasa, 35(2), 162–

196. https://doi.org/10.51200/manu.v35i2.5737 

Özkan, E. K., Erdemir, N., & Coşkun, D. (2024). A systematic review of EFL teachers’ 

perspectives on artificial intelligence technologies. Ihlara Journal of Educational 

Research, 9(2), 150–168. https://doi.org/10.47479/ihead.1535035 

Qayyum, A., Rafique, Z., Shah, S. S. W. A., Ahmad, S., & Haider, Z. (2025). Artificial 

intelligence (AI)-driven curriculum development in early childhood education: 

Educators’ insights, barriers, and policy pathways. Research Journal of Psychology, 

3(1), 713–733. https://doi.org/10.59075/rjs.v3i1.102 

Roshan, S., Iqbal, S. Z., & Qing, Z. (2024). Teacher training and professional development for 

implementing AI-based educational tools. Journal of Asian Development Studies, 13(2), 

1972–1987. https://doi.org/10.62345/jads.2024.13.2.154 

Rukiati, E., Wicaksono, J. A., Taufan, G. T., & Suharsono, D. D. (2023). AI on learning English: 

Application, benefit, and threat. Journal of Language, Communication, and Tourism, 

1(2), 32–40. https://doi.org/10.25047/jlct.v1i2.3967 

https://doi.org/10.3126/dristikon.v15i1.77118
https://doi.org/10.1016/j.caeai.2023.100156
https://doi.org/10.59966/joape.v1i1.1207
https://doi.org/10.46328/ijte.523
https://ieeexplore.ieee.org/document/10643542
https://doi.org/10.1111/j.1467-9620.2006.00684.x
https://doi.org/10.22126/tale.2025.11490.1080
https://doi.org/10.54337/nlc.v14i1.8091
https://doi.org/10.1111/bjet.13411
https://doi.org/10.51200/manu.v35i2.5737
https://doi.org/10.47479/ihead.1535035
https://doi.org/10.59075/rjs.v3i1.102
https://doi.org/10.62345/jads.2024.13.2.154
https://doi.org/10.25047/jlct.v1i2.3967


   
   Volume: 8 Issue: 30 (June 2026) PP. 606-630 

629 
 

Sanders, D. A., & Mukhari, S. S. (2024). Lecturers’ perceptions of the influence of AI on a 

blended learning approach in a South African higher education institution. Discover 

Education, 3(1), 135. https://doi.org/10.1007/s44217-024-00235-2 

Sayari, K. T. (2025). Infrastructure and Investment Needs for AI Implementation in Education. 

In E. Çela, N. Vajjhala, & M. Fonkam (Eds.), Teachers' Roles and Perspectives on AI 

Integration in Schools (pp. 141-162). IGI Global Scientific Publishing. 

https://doi.org/10.4018/979-8-3373-1017-6.ch005 

Semwaiko, G. S., Chao, W. H., & Yang, C. Y. (2024). Transforming K-12 education: A 

systematic review of AI integration. International Journal of Educational Technology 

and Learning, 17(2), 43–63. https://doi.org/10.55217/101.v17i2.847 

Shamsuddinova, S., Heryani, P., & Naval, M. A. (2024). Evolution to revolution: Critical 

exploration of educators’ perceptions of the impact of AI on the teaching and learning 

process in the GCC region. International Journal of Educational Research, 125, 

102326. https://doi.org/10.1016/j.ijer.2024.102326 

Taber, K. S. (2018). The use of Cronbach’s alpha when developing and reporting research 

instruments in science education. Research in Science Education, 48(6), 1273–1296. 

https://doi.org/10.1007/s11165-016-9602-2 

Tay, H. Y. (2024). AI feedback: Moving beyond the hype to integrating it into a coherent 

feedback pedagogy. Routledge Open Research, 3, 26. 

https://doi.org/10.12688/routledgeopenres.18443.1 

Tiwari, H. P. (2024). Artificial intelligence in the classroom: Revolutionizing English language 

teaching. Journal of English Teaching and Linguistics Studies (JET Li), 6(1), 42–59. 

https://doi.org/10.55215/jetli.v6i1.9757 

Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. D. (2016). User acceptance of 

information technology: Toward a unified view. MIS Quarterly, 27(3), 425–478. 

https://doi.org/10.2307/30036540 

Vera, F. (2023). Integrating Artificial Intelligence (AI) in the EFL Classroom: Benefits and 

Challenges. Transformar, 4(2), 66–77. Recuperado a partir de 

https://revistatransformar.cl/index.php/transformar/article/view/93 

Wulandari, M., & Purnamaningwulan, R. A. (2024). Exploring Indonesian EFL pre-service 

teachers’ experiences in AI-assisted teaching practicum: Benefits and drawbacks. LLT 

Journal: A Journal on Language and Language Teaching, 27(2), 878–894. 

https://doi.org/10.24071/llt.v27i2.8690 

Yeh, H. C. (2025). The synergy of generative AI and inquiry-based learning: Transforming the 

landscape of English teaching and learning. Interactive Learning Environments, 33(1), 

88–102. https://doi.org/10.1080/10494820.2024.2317081 

Yilmaz Can, D., & Durmus, C. (2024). From AI-generated lesson plans to the real-life classes: 

Explored by pre-service teachers. In Proceedings of the 10th International Conference 

on Higher Education Advances (HEAd’24). 

https://doi.org/10.4995/HEAd24.2024.17060 

Zainuddin, M. (2024). Teachers’ perceptions of AI tools in enhancing student engagement for 

English language learning. Research Studies in English Language Teaching and 

Learning, 2(6), 367–380. https://doi.org/10.62583/rseltl.v2i6.64 

Zawacki-Richter, O., Marín, V. I., Bond, M., & Gouverneur, F. (2019). Systematic review of 

research on artificial intelligence applications in higher education: Where are the 

educators? International Journal of Educational Technology in Higher Education, 

16(1), 1–27. https://doi.org/10.1186/s41239-019-0171-0 

Zeng, M., Cheah, K. S., & Abdullah, Z. (2025, September). The influence of school principals’ 

digital leadership on teachers’ competency in integrating artificial intelligence: a 

https://doi.org/10.1007/s44217-024-00235-2
https://doi.org/10.4018/979-8-3373-1017-6.ch005
https://doi.org/10.55217/101.v17i2.847
https://doi.org/10.1016/j.ijer.2024.102326
https://doi.org/10.1007/s11165-016-9602-2
https://doi.org/10.12688/routledgeopenres.18443.1
https://doi.org/10.55215/jetli.v6i1.9757
https://doi.org/10.2307/30036540
https://revistatransformar.cl/index.php/transformar/article/view/93
https://doi.org/10.24071/llt.v27i2.8690
https://doi.org/10.1080/10494820.2024.2317081
https://doi.org/10.4995/HEAd24.2024.17060
https://doi.org/10.62583/rseltl.v2i6.64
https://doi.org/10.1186/s41239-019-0171-0


   
   Volume: 8 Issue: 30 (June 2026) PP. 606-630 

630 
 

systematic thematic review. In Frontiers in Education (Vol. 10, p. 1655967). Frontiers 

Media SA. https://doi.org/10.3389/feduc.2025.1655967 

Zhang, K., & Aslan, A. B. (2021). AI technologies for education: Recent research & future 

directions. Computers and Education: Artificial Intelligence, 2, 100025. 

https://doi.org/10.1016/j.caeai.2021.100025 

Zhu, M., Izhar, N. A., & Xervaser, C. R. (2025). Educators’ perspectives on deepseek in ELT: 

A quali tative case study of pedagogical potentials and pitfalls in Chinese higher 

education. Journal of Information Technology Education: Research, 24, Article 32. 

https://doi.org/10.28945/5625 

https://doi.org/10.3389/feduc.2025.1655967
https://doi.org/10.1016/j.caeai.2021.100025
https://doi.org/10.28945/5625

