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Despite the vast use of artificial intelligence (AI) in the teaching and 

learning of English as a Foreign Language (EFL), specific focus on the 

use, outcomes, and challenges of EFL speaking assessment and 

practices remain limited. This study addresses the gap by synthesising 

systematically empirical evidence on the AI-supported EFL speaking 

assessment and practice. Following the PRISMA 2020 statement, 13 

peer-reviewed articles were identified and analysed thematically. The 

analysis revealed five main themes explaining the the AI-supported EFL 

speaking assessment and practice, namely AI chatbot-mediated 

speaking practice, automated speech scoring and analytics, affective 

factors in AI-mediated speaking, hybrid and collaborative approaches 

to AI-supported speaking, and feedback and metacognitive 

development. Based on the analysis, AI-supported speaking 

environments were found to provide opportunities for repeated 

speaking practice and may alleviate speaking anxiety for some learners. 

AI-supported assessment and feedback also provided information about 

learners’ speaking performance and supported monitoring of their 

progress, particularly through automated speech scoring and AI-

generated feedback. The findings further revealed that digital literacy, 

task design, teacher involvement, and learner engagement are important 

considerations in AI-supported speaking activities. The study concludes 

that AI-mediated approaches to EFL speaking assessment and practice 

should be guided by appropriate pedagogical design and teacher 

involvement rather than used as a replacement for teachers or human 

interaction. Future research should explore how AI-mediated speaking 
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assessment and practice work across different EFL contexts and learner 

groups, particularly whether gains from AI-supported activities extend 

to communication with human interlocutors. 
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Introduction  

 

Speaking is an important component of English learning, as it enables learners to develop oral 

proficiency for academic, professional, and social communication. However, performing 

speaking practice and assessment, specifically in English as a Foreign Language (EFL) context 

can be challenging because oral performance involves multiple dimensions, including 

pronunciation, fluency, vocabulary, grammar, and interaction. Conventional English as a 

Foreign Language (EFL) speaking assessment methods, such as oral interviews and 

presentations, often require teacher or human-rater involvement, while common EFL speaking 

practice activities, including role-plays and group discussions, typically require teacher 

involvement. These requirements pose challenges to both teacher and learner as the speaking 

practices can be time-consuming to be conducted, and speaking assessment may be affected by 

differences in rater judgement and scoring consistency (Luoma, 2004; Fulcher, 2015).  

 

These challenges have encouraged the use of technology, particularly artificial intelligence (AI) 

to better mediate EFL speaking practice and assessment. In terms of speaking practices, AI 

chatbots and other speech-enabled applications can facilitate repeated spoken interaction, while 

AI-based systems can support automated speech scoring and feedback during speaking 

assessment (Chapelle & Voss, 2016). However, existing studies on the teaching and learning 

of EFL mostly examine learner experiences and outcomes, including speaking anxiety, 

engagement, and self-regulation, across different technologies and learning contexts, rather 

than addressing the specific focus on AI-supported EFL speaking practice and assessment, 

particularly on the outcomes, challenges, and emerging approaches. 

 

Therefore, this systematic review synthesises empirical research and explains AI-supported 

EFL speaking assessment and practice based on five identified themes, namely AI chatbot-

mediated speaking practice, automated speech scoring and analytics, affective factors in AI-
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mediated speaking, hybrid and collaborative approaches to AI-mediated speaking, and 

feedback and metacognitive development. As a result, this review provides a structured account 

of the emerging evidence and identifies directions for further research on the integration of AI 

into EFL speaking assessment and practice. 

 

Methodology 

 

Review Protocol  

 

A systematic review was deemed appropriate for this study because the identified studies varied 

in their technologies, speaking activities, assessment approaches, learner contexts, and research 

designs, as asserted by Xiao & Watson (2019) and Snyder (2019). To ensure transparent 

reporting of the review process, this systematic literature review (SLR) followed the 

recommendation by Page et al. (2021) by adhering to the Preferred Reporting Items for 

Systematic Reviews and Meta-Analyses (PRISMA) guidelines, which guided the search and 

selection of studies, study quality appraisal, and data extraction and analysis. For the review, 

the search focused on studies published between 2021 and 2026 from Scopus database 

addressing methods and approaches, challenges, and emerging innovations in relation to the 

use of AI in supporting EFL speaking assessment and practice. All the identified studies were 

then screened against predefined eligibility criteria and assessed in full text. The selected 

studies quality was later appraised using a framework adapted from Abouzahra et al. (2020), 

and relevant data were extracted and thematically analysed following Braun and Clarke (2006) 

to identify patterns across the included studies. 

 

Research Question 

 

According to Xiao and Watson (2019), clearly formulated research questions in systematic 

literature reviews is essentially significant, as they determine the scope of the review and guide 

the review process, including the search strategy, screening and eligibility assessment, data 

extraction, and thematic analysis of relevant evidence. For this study, the following research 

questions were formulated: 

 

• RQ1: What methods and approaches are commonly used in AI-supported EFL speaking 

assessment and practice across existing studies?  

• RQ2: What are the major challenges and emerging innovations associated with AI-

supported EFL speaking assessment and practice? 

 

Systematic Search and Study Selection 

 

The systematic search and study selection process was conducted to identify empirical studies 

relevant to AI-supported EFL speaking assessment and practice. The process comprised 

identification, screening, and eligibility assessment, followed by the inclusion of studies that 

met the predefined criteria. Figure 1 summarises the overall search and study selection process. 
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Figure 1: Systematic Study and Selection Process 

 

Identification 

 

The search was conducted exclusively in the Scopus database using predefined search terms. 

Boolean operators (AND/OR), phrase searching, truncation, and field-specific searching were 

used to identify relevant records. The search was limited to English-language publications 

published between 2021 and 2026 to capture recent developments in technology-mediated 

language learning and speaking assessment (García-Peñalvo, 2022). The search strategy was 

also informed by previous research on AI and technology-mediated language learning (Yan et 

al., 2023). 
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The Scopus search string was: 

 

TITLE-ABS-KEY ( ( "ESL" OR "English as a Second Language" OR "EFL" OR "English 

language learner" ) AND ( "speaking assessment*" OR "oral assessment*" OR "speaking 

evaluation*" OR "oral proficiency assessment*" ) ) AND ( LIMIT-TO ( LANGUAGE , 

"English" ) ) AND PUBYEAR > 2020 AND PUBYEAR < 2027.* 

 

The search identified 67 records, which were exported for screening and duplicate checking. 

 

Screening 

 

The identified records were screened by examining their titles and abstracts against the 

predefined inclusion and exclusion criteria. The criteria focused on studies addressing EFL 

speaking assessment or practice through technology-mediated approaches, including AI-

supported tools, automated assessment, digital feedback, or related technologies. Studies 

focusing exclusively on written language skills or lacking a clear connection to speaking 

assessment or practice were excluded. Non-peer-reviewed publications, such as white papers 

and editorials, were also excluded. 

 

No duplicate records were identified. Of the 67 records screened, 53 were excluded because 

they did not meet the selection criteria. The remaining 14 reports were retrieved for full-text 

assessment. 

 

Eligibility 

 

The 14 retrieved reports were assessed against the inclusion and exclusion criteria through full-

text examination. Following this assessment, 13 studies met the eligibility criteria and were 

included in the review. One report was excluded because it was a non-journal article. 

 

Quality Appraisal 

 

The 13 included studies underwent a structured quality appraisal to assess their methodological 

and reporting quality. Quality appraisal is an important component of systematic reviews 

because it allows the methodological strengths and limitations of included studies to be 

considered when interpreting the evidence (Kitchenham & Charters, 2007; Grant & Booth, 

2009). The appraisal framework was adapted from Abouzahra et al. (2020) and comprised six 

criteria: 

 

• QA1: Is the purpose of the study clearly stated? 

• QA2: Is the interest and usefulness of the work clearly presented? 

• QA3: Is the study methodology clearly stated? 

• QA4: Are the concepts of the approach clearly defined? 

• QA5: Is the work compared or measured against other similar studies? 

• QA6: Are the limitations of the work mentioned? 

 

Each criterion was scored as Yes (1.0) when fully met, Partly (0.5) when partially addressed, 

and No (0) when the criterion was not addressed. The maximum possible score was 6.0. Studies 

scoring 3.0 or above were considered to have met the minimum quality threshold for inclusion 

in the final synthesis. The appraisal process supported a consistent assessment of the included 
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studies and reduced the influence of individual judgement during appraisal (Moher et al., 

2009). 

 

Data Extraction 

 

Following the selection and quality appraisal stages, data were systematically extracted from 

the 13 included studies. The extraction process was guided by the research questions and 

focused on information relevant to EFL speaking assessment and practice, technology-

mediated approaches, reported outcomes, challenges, and emerging innovations (Boland et al., 

2017). The principal author extracted information primarily from the findings and discussion 

sections of the included studies. The methodology and other sections were consulted when 

additional information about the study context, participants, technologies, or research design 

was required. A co-author subsequently checked the extracted information against the original 

studies to support the accuracy and consistency of the extraction process (Gough et al., 2017). 

 

The extracted findings were synthesised using thematic analysis, which was considered 

appropriate for identifying recurring patterns across studies employing different research 

designs (Snyder, 2019). The analysis followed the six phases proposed by Braun and Clarke 

(2006): 

 

1. Familiarisation: Repeated reading of the selected studies to become familiar with the 

reported findings. 

2. Initial coding: Identifying relevant concepts and findings, including automated scoring, 

speaking anxiety, chatbot-mediated practice, and AI-generated feedback. 

3. Theme development: Grouping related codes into potential themes. 

4. Theme review: Reviewing the potential themes against the coded data and the complete 

dataset. 

5. Theme definition: Refining and defining the content and focus of each theme. 

6. Reporting: Organising the themes into a coherent synthesis and relating the findings to 

the research questions. 

 

The analysis resulted in five themes: (1) AI Chatbot-Mediated Speaking Practice; (2) 

Automated Speech Scoring and Analytics; (3) Affective Factors in Digital Assessment; (4) 

Hybrid and Collaborative Assessment Approaches; and (5) Feedback and Metacognitive 

Development. These themes formed the basis for the synthesis of findings addressing the two 

research questions concerning the methods and approaches used in AI-mediated EFL speaking 

assessment and practice and the challenges and emerging innovations associated with these 

practices. 

 

Results and Discussion 

 

Study Background 

 

This section presents the bibliographic and contextual characteristics of the 13 studies included 

in the final synthesis. The descriptive findings provide an overview of publication trends, 

geographical distribution, research contexts, and methodological characteristics of studies 

examining technology-mediated ESL speaking assessment. 
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Distribution by Publication Year 

 

The 13 included studies were published between 2021 and 2026, with a greater concentration 

of publications appearing from 2024 onwards. This recent increase indicates growing research 

interest in the application of digital technologies and artificial intelligence (AI) to speaking 

assessment. The inclusion of studies published in 2025 and 2026, including early-access or in-

press publications where applicable, further indicates that technology-mediated speaking 

assessment remains an active and developing area of research.  

 

The concentration of recent studies is also consistent with the increasing availability of 

generative AI and AI-supported language learning tools. However, given the relatively small 

number of studies included in this review, the observed increase should be interpreted as an 

indication of recent research activity rather than evidence of a definitive publication trend. 

 

Geographical Location and Study Context 

 

The included studies were predominantly conducted in Asian and Middle Eastern contexts, 

including China, Indonesia, Taiwan, Thailand, Turkey, Saudi Arabia, and Egypt. This 

geographical distribution indicates considerable research attention to AI-supported speaking 

assessment and practice within EFL contexts in these regions. 

 

The geographical concentration also limits the extent to which the findings can be generalised 

to other educational settings. In particular, the predominance of Asian and Middle Eastern 

contexts means that the findings may reflect the educational practices, technological 

infrastructure, and language-learning environments of these settings. In addition, all 13 

included studies were situated in EFL contexts, with most involving learners in higher 

education.  

 

Methodological and Academic Characteristics 

 

The included studies used a range of research designs, with mixed-methods and quasi-

experimental approaches appearing frequently. These designs allowed researchers to examine 

changes in speaking-related outcomes and, in some cases, learners’ experiences of AI-

supported activities. The studies therefore provide evidence on both the use of technology and 

learners’ responses to it. 

 

Most of the included studies were published as journal articles and involved learners in higher 

education. The emphasis on university students indicates that current research on AI-supported 

EFL speaking assessment and practice has largely been conducted in tertiary settings. 

Comparatively less evidence is available for primary and secondary learners. 

 

The included studies also differed in their technological focus. Some examined AI chatbots and 

conversational tools, whereas others focused on automated speech scoring, AI-generated 

feedback, or technology-supported collaborative activities. This variation provides a broad 

view of how AI is currently being incorporated into EFL speaking-related activities. 
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Interpretation of Patterns 

 

Overall, the descriptive findings show that research on AI-supported EFL speaking assessment 

and practice is relatively recent. The included studies were concentrated in Asian and Middle 

Eastern contexts and mainly involved university learners. The increasing number of recent 

publications also corresponds with the growing use of AI-based technologies in English 

language education. 

 

However, the evidence base remains limited in size and scope. The concentration of studies in 

particular regions and educational levels mean that the findings cannot be assumed to apply 

equally to other learner populations or educational settings. Further research involving different 

age groups, learning environments, and assessment contexts is therefore needed. 

 

Quality Appraisal Results 

 

The methodological quality of the 13 selected studies was evaluated using six criteria adapted 

from Abouzahra et al. (2020). The criteria assessed the clarity of the study purpose (QA1), 

usefulness of the work (QA2), clarity of the methodology (QA3), definition of the core 

concepts (QA4), comparison with similar studies (QA5), and acknowledgement of limitations 

(QA6).  

 

Each criterion was scored as Yes (1.0), Partly (0.5), or No (0). As specified in the review 

protocol, studies achieving a minimum score of 3.0 out of 6.0 were considered eligible for the 

final synthesis.  

 

Table 1: Quality Appraisal Results for Selected Articles 

 

Study QA1 QA2 QA3 QA4 QA5 QA6 Total 

Marks 

Decision 

Susoy (2026) Yes Yes Yes Yes Yes Yes 6.0 Included 

Yu & Qiu (2026) Yes Yes Yes Yes Partly Partly 5.0 Included 

El Shazly (2021) Yes Yes Yes Yes Yes Partly 5.5 Included 

Li (2025) Yes Yes Yes Yes Partly Yes 5.5 Included 

Wang et al. (2025) Yes Yes Yes Yes Yes Partly 5.5 Included 

Wu et al. (2025) Yes Yes Yes Yes Partly Partly 5.0 Included 

Wu et al. (2026) Yes Yes Yes Yes Yes Yes 6.0 Included 

Waluyo et al. (2025) Yes Yes Yes Yes Partly Partly 5.0 Included 

Gong (2023) Yes Yes Yes Yes Yes Partly 5.5 Included 

Limgomolvilas et al. 

(2025) 

Yes Yes Yes Yes Partly Yes 5.5 Included 

Dakhil et al. (2025) Yes Yes Yes Yes Yes Partly 5.5 Included 

Zou et al. (2023) Yes Yes Yes Yes Partly Partly 5.0 Included 

Wang & Zou (2025) Yes Yes Yes Yes Yes Yes 6.0 Included 

 

Interpretation of Quality Appraisal Results 

 

All 13 studies met the minimum quality threshold, with scores ranging from 5.0 to 6.0. All 

studies received a Yes rating for QA1, QA2, QA3, and QA4, indicating that the purpose, 



 
   Volume: 8 Issue: 31 (September 2026) PP. 1426-1440 

1434 
 

usefulness, methodology, and core concepts were clearly reported. The lower ratings occurred 

mainly for QA5 and QA6. Several studies were rated Partly for comparison with similar studies 

and/or reporting of limitations. Thus, although the included studies generally provided clear 

information about their research purposes and methods, some provided less detailed discussion 

of their relationship to previous research or their study limitations. 

 

Overall, the appraisal results support the inclusion of all 13 studies in the synthesis. The 

appraisal also indicates that the findings should be interpreted with attention to the differences 

in reporting quality across studies. This is consistent with the importance of considering 

methodological quality and study limitations when synthesising evidence from different 

sources (Higgins et al., 2019). 

 

The Themes 

 

The thematic analysis identified five themes: (1) AI Chatbot-Mediated Speaking Practice, (2) 

Automated Speech Scoring and Analytics, (3) Affective Factors in Digital Assessment, (4) 

Hybrid and Collaborative Approaches to AI-Mediated Speaking, and (5) Feedback Loops and 

Metacognitive Development. 

 

The first, second, and fourth themes primarily address how AI is used in EFL speaking 

activities, including chatbot-mediated practice, automated speech scoring, and hybrid and 

collaborative approaches. These themes therefore contribute mainly to RQ1 by identifying the 

approaches used in AI-mediated EFL speaking activities. The third and fifth themes focus on 

learners’ affective experiences, feedback, and metacognitive development, while also 

highlighting factors that may influence learners’ experiences with AI-supported speaking 

activities. Together, the five themes contribute to RQ2 by identifying the outcomes, 

experiences, and factors associated with AI-mediated EFL speaking activities. 

 

Theme 1: AI Chatbot-Mediated Speaking Practice 

 

Wang et al. (2025) and Wu et al. (2025) found that AI chatbots, featured in GPT-based 

conversational activities and Think-Pair-Share, contributed to improved EFL learners’ fluency 

and lexical diversity during speaking practice. These findings suggest that AI chatbots provide 

learners with opportunities for repeated speaking practice and exposure to spoken English 

without requiring a human interlocutor for every interaction. These findings answer RQ1 by 

identifying AI chatbot-mediated practice as an approach used in AI-supported EFL speaking 

activities. 

 

Despite the benefits of AI chatbots, several studies reported varied learner experiences when 

using them for speaking practice. Susoy (2026) and El Shazly (2021) reported anxiety among 

EFL learners when interacting with chatbots, possibly due to the absence of human facilitation 

and the unpredictable responses generated by AI chatbots. Another concern expressed by EFL 

learners when using AI chatbots for speaking practice is reliance on AI-supported translation 

and comprehension functions (Limgomolvilas and Sukserm, 2025). These findings indicate 

that the benefits of AI chatbot-mediated speaking practice may depend on learners' level of 

anxiety, technology-related difficulties, and reliance on AI represent, which address RQ2. 

 

These findings can be interpreted through the Optimal Input Hypothesis and Translanguaging 

Theory, particularly in relation to learners' use of AI-supported interaction and language 
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resources to support comprehension and speaking practice. However, the findings do not 

establish that AI chatbots are inherently more effective than human interaction. Rather, they 

suggest that AI chatbots can provide an additional space for speaking practice when their use 

is appropriately structured. 

 

Theme 2: Automated Speech Scoring (ASS) & Analytics 

 

The findings revealed that speaking can assessment can be performed using Automated speech 

scoring and analytics, particularly in terms of EFL learners’ pronunciation and fluency. In the 

study by Li (2025), the AI-supported oral assessment system used to assess speaking reported 

accuracy rates of 94.7% for native speakers and 86.6% for non-native speakers. Yu and Qiu 

(2026) also demonstrated the use of AI-mediated EFL speaking assessment when examining 

AI-based speech recognition and corrective functions to identify EFL learners’ needs and their 

speaking performance. These findings address RQ1 by identifying automated speech scoring 

and analytics as an approach used in AI-mediated EFL speaking assessment. 

 

However, Gong (2023) identified concerns regarding automated scoring when examining the 

washback of SpeechRater in the TOEFL iBT context and. The study revealed that automated 

assessment may influence not only how speaking performance is evaluated but also what 

learners choose to practise, as learners may focus on improving their scores rather than 

developing broader communicative ability. The findings also indicate that automated scores 

may not represent all dimensions of speaking ability, particularly aspects involving interaction 

and spontaneous communication. These findings answer RQ2 by highlighting the washback 

effects and limitations associated with automated speaking assessment. 

 

The findings can be related to Communicative Language Ability (CLA), which views speaking 

ability as involving multiple dimensions of communication. Although automated systems can 

provide information about features such as pronunciation and fluency, the reviewed evidence 

suggests that these measures should not necessarily be treated as a complete representation of 

speaking ability. Automated scoring may therefore be useful as part of speaking assessment, 

but its use needs to be considered alongside the communicative purpose of the assessment. 

Future research should examine how automated systems can better address dimensions of 

speaking that are more difficult to assess automatically, including interactional and pragmatic 

aspects of communication. 

 

Theme 3: Affective Factors in Digital Assessment 

 

Affective factors were identified across several studies examining AI-supported speaking 

assessment and practice. These included foreign language speaking anxiety, self-efficacy, 

willingness to communicate, enjoyment, and perceived communicative competence. Susoy 

(2026) found differences in the relationship between speaking anxiety and achievement across 

human-facilitated and AI-facilitated conditions. Wu et al. (2025, 2026) reported reductions in 

speaking anxiety and changes in foreign language enjoyment following AI-supported speaking 

activities, while Wang and Zou (2025) reported positive effects on learners’ self-perceived 

communicative competence. These findings indicate that learners’ affective experiences may 

vary according to how AI is incorporated into speaking activities. 

 

However, the findings were not consistently positive. El Shazly (2021) reported that difficulties 

with chatbot interaction and technical problems could contribute to learner anxiety. Yu and Qiu 
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(2026) also indicated that learners’ technological proficiency may influence their experiences 

with AI-supported learning. These findings suggest that AI does not automatically reduce 

affective difficulties. Although AI-mediated interaction may reduce some interpersonal 

pressure associated with speaking, technology-related difficulties and differences in digital 

literacy may create additional challenges. This theme therefore contributes mainly to RQ2 by 

identifying affective responses and digital literacy as factors that may influence learners’ 

experiences with AI-mediated speaking assessment and practice. 

 

The findings can be considered from a Positive Psychology perspective, which emphasises 

positive experiences that may support learners’ engagement in language learning. The variation 

in learners’ affective experiences across studies suggests that the value of AI-supported 

speaking activities may depend on how learners experience and engage with the technology. 

From a practical perspective, this highlights the need to provide appropriate support to help 

learners engage effectively with AI-supported speaking activities. 

 

Theme 4: Hybrid and Collaborative Approaches to AI-Mediated Speaking 

 

Hybrid and collaborative approaches were identified across several studies examining AI-

mediated speaking activities. These approaches involved integrating AI chatbots with peer 

interaction, collaborative learning, and teacher support rather than using AI as a standalone 

tool. Wu et al. (2025) found that integrating AI chatbots into Think-Pair-Share (TPS) activities 

led to greater improvements in speaking performance and language enjoyment than 

conventional collaborative methods. Similarly, Wu et al. (2026) found that chatbot-supported 

collaborative learning positively influenced student engagement, which in turn predicted 

improvements in speaking skills. These findings indicate that AI can be incorporated into 

collaborative speaking activities to support learners’ engagement and speaking development. 

 

However, the way AI was integrated into learning activities varied across studies. Li (2025) 

reported that teacher–AI interaction was associated with learning and self-regulation, whereas 

Limgomolvilas and Sukserm (2025) found that students also used AI tools independently 

outside teacher-led activities. Susoy (2026) and Wu et al. (2025) examined AI-supported 

speaking activities within structured EFL learning contexts, while Li (2025) examined a more 

technologically integrated approach involving Generative AI and IoT. These findings suggest 

that hybrid and collaborative approaches can range from structured teacher-supported activities 

to more learner-initiated use of AI. This theme therefore contributes mainly to RQ1 by 

identifying hybrid and collaborative integration as an approach used in AI-supported EFL 

speaking activities. 

 

The findings can be considered from a Social Constructivist perspective, which emphasises 

learning through interaction and collaboration with others. The integration of AI with peer and 

teacher interaction suggests that AI-mediated speaking activities may support learning through 

a combination of technological and social interaction. From a practical perspective, this 

highlights the importance of integrating AI into structured collaborative activities rather than 

relying solely on individual interaction with AI. 

 

Theme 5: Feedback Loops & Metacognitive Development 

 

The final theme concerns the use of AI-generated feedback to provide learners with information 

about their speaking performance and support their reflection on learning. Li (2025) reported 
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improvements in metacognitive knowledge and self-regulation following the use of an AI-

supported oral assessment system. Wang and Zou (2025) also reported positive effects of AI-

supported speaking instruction on learners’ self-perceived communicative competence. These 

findings suggest that AI-generated feedback may provide learners with information that can 

support monitoring of their speaking performance and identification of areas for improvement. 

This theme contributes to RQ1 by identifying feedback as an approach used in AI-supported 

speaking assessment and practice and to RQ2 by highlighting metacognitive development and 

learner engagement as outcomes and considerations associated with its use. 

 

However, the findings also indicate that access to AI-generated feedback does not necessarily 

result in effective learning. Limgomolvilas and Sukserm (2025) raised concerns about learners’ 

use of AI for translation and comprehension rather than engaging more deeply with the 

language produced. Wu et al. (2026), in contrast, highlighted the importance of active 

engagement with AI-supported activities in speaking development. These findings suggest that 

the usefulness of AI-generated feedback depends partly on how learners engage with the 

information provided and how the activity is designed. Teacher guidance may therefore be 

important in helping learners interpret feedback and apply it to subsequent speaking activities. 

 

From a Self-Regulated Learning perspective, the findings suggest that AI-generated feedback 

may support learners' monitoring and regulation of their speaking performance. However, the 

reviewed evidence does not establish that AI feedback automatically produces metacognitive 

development. Rather, the reported improvements appear to be associated with particular AI-

supported learning conditions and learner engagement. Future research should therefore 

examine how learners interpret and act on AI-generated feedback and whether such feedback 

leads to sustained improvements in speaking performance and self-regulated learning. 

 

Conclusion 

 

This systematic literature review synthesised 13 peer-reviewed studies on AI-mediated EFL 

speaking assessment and practice. The review identified five themes: AI chatbot-mediated 

speaking practice, automated speech scoring and analytics, affective factors in AI-mediated 

speaking, hybrid and collaborative approaches to AI-supported speaking, and feedback and 

metacognitive development. In relation to RQ1, the findings show that AI is being used in 

several ways to support EFL speaking assessment and practice. AI chatbots provide 

opportunities for repeated spoken interaction, while automated speech scoring and analytics 

provide information about aspects of learners’ speaking performance. AI is also being 

incorporated into collaborative activities involving peers and teachers, and AI-generated 

feedback is used to support learners in monitoring their performance. These findings indicate 

that AI-mediated speaking assessment and practice involve different approaches rather than a 

single form of technology use. 

 

For RQ2, the findings highlight several challenges and considerations in the use of AI for EFL 

speaking assessment and practice. Learners may experience technology-related difficulties and 

speaking anxiety, while differences in digital literacy may influence their experiences with AI-

supported activities. Some learners may also rely on AI for translation and comprehension 

when engaging with speaking activities. Automated scoring may lead learners to focus more 

on assessment performance than on broader communicative ability. The reviewed studies also 

reported positive outcomes of the use of AI for EFL speaking assessment and practice, 

including improvements in speaking performance, enjoyment, perceived communicative 
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competence, engagement, self-regulation, and metacognitive development. However, AI-

supported feedback may contribute to metacognitive development only when accompanied by 

active learner engagement and appropriate guidance. The studies also highlighted learner 

engagement, task design, and teacher involvement as important considerations in AI-supported 

speaking activities. 

 

Although the findings confirm that the use of AI can extend opportunities for EFL speaking 

practice, assessment, and feedback, its use does not eliminate the need for teachers or human 

interaction. AI-mediated approaches to EFL speaking assessment and practice should therefore 

be guided by appropriate pedagogical design and teacher involvement. Future research should 

explore the use of AI for EFL speaking assessment and practice across different EFL contexts 

and learner groups, particularly whether AI-supported activities significantly impact 

communication with human interlocutors. 
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